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Chile — a country with a large, mandatory DC pension system — to examine how individuals

choose among pension fund administrators. Despite a regulated fee structure that ensures
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1— Introduction

In many countries, retirement systems have shifted towards market-based arrangements for

the provision of pension products. These systems are intended to offer greater choice and

efficiency compared to traditional ones. The effectiveness of such arrangements, however,

depends on the extent to which individuals are able to navigate the available options. While

standard economic theory predicts that individuals will select the alternative that maximizes

their utility, evidence shows that actual choices are often influenced by systematic biases,

heuristics, and behavioral frictions. A key inefficiency arises from inertia: individuals often

remain with their initial choices even when economic conditions evolve. In this paper, we

analyze inertia in retirement investment decisions, measured by low switching rates across

pension fund providers, and assess the extent to which financial sophistication can improve

this behavior. We develop a measure of investment mistakes and study its relationship with

financial sophistication, considering both general financial literacy and specific knowledge of

the pension system. We analyze a setting where switching costs are absent, which allows us to

isolate the role of sophistication in shaping retirement investment behavior.

We focus on Chile, where the pension system is structured around individual capitalization

accounts funded through defined contribution schemes. All formally employed individuals

are required to allocate a fixed proportion of their monthly taxable income to these accounts.

They can choose from a limited set of pension fund managers (Administradoras de Fondos de

Pensiones, AFPs), which offer five legally mandated products with varying risk and return

profiles. Individuals are charged a variable commission by their AFPs, calculated as a percentage

of monthly taxable income. This is the only fee in the system and is directly comparable across

providers. Switching between providers is free of charge. Members who do not actively select

an investment portfolio are automatically enrolled in the default fund corresponding to their

age and gender.

To study the financial decisions in the Chilean DC pension system, we combine large-

scale longitudinal survey data with administrative information on monthly contributions and

account balances of a representative sample of individuals affiliated with the Chileanmandatory

DC pension over a period of more than 13 years (2008-2021). To this, we add information

on the returns of the funds offered by the providers in the market, the fees associated with

contributions to the system, and the portfolio allocation for every fund offered by the providers.
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Despite the system’s straightforward design features, we find that switching rates among

pension fund providers remain low, and fee dispersion across providers is substantial. Specifi-

cally, switching rate represent only 0.4% of our sample— regardless of existing price differences.

Financially sophisticated individuals are significantly more likely to switch providers – they

switch between 10-25% more often, compared to less sophisticated members. They also exhibit

stronger responsiveness to variation in commission fees, with switching rates rising during

periods of greater dispersion in fees. Finally, among those who switch, financially sophisti-

cated members achieve larger reductions in their monthly fees compared to less sophisticated

members.

Our paper is related to three strands of the literature. First, we complement existing evidence

on switching rates and fee dispersion in pension systems, as well as in other financial markets

(Hastings, Madrian, and Skimmyhorn 2013; Luco 2019; Illanes 2017), by studying the role of

cognitive costs and financial sophistication in shaping switching behavior. Acquiring and

processing financial information is costly, and such costs can hinder optimal decision-making

(Hastings, Madrian, and Skimmyhorn 2013; Haliassos and Bertaut 1995; Christelis, Jappelli,

and Padula 2010; Agarwal and Mazumder 2013). Knowledge of pension system rules and a

solid understanding of basic financial principles can help individuals make more informed and

effective choices (Lusardi and Mitchell 2007; Hastings, Mitchell, and Chyn 2011). Differently

from previous studies on Chile (Luco 2019; Mitchell, Todd, and Bravo 2009; Berstein and Cabrita

2007; Arenas de Mesa et al. 2007; Illanes 2017; Gutierrez Cortez, Ivashina, and Salomao 2025),

we focus on the post-2008 reform period, when the abolition of fixed commissions left only

variable fees, making costs directly comparable across providers, and examine heterogeneity

in switching behavior across levels of financial sophistication.

Second, we contribute to the literature documenting the relationship between financial

sophistication and investment mistakes (Calvet, Campbell, and Sodini 2009a, 2009b) by propos-

ing a novel measure of investment mistakes in pension fund choices, based on lower switching

rates and differences in fees relative to the cheapest available option. Our findings indicate

that individuals with greater financial sophistication are more likely to switch providers and

exhibit higher sensitivity to fee increases.

Third, we enrich the current body of literature examining the role of financial literacy

in shaping economic decisions—such as retirement planning (Lusardi and Mitchell 2011;

Rooij, Lusardi, and Alessie 2012), wealth accumulation (Lusardi and Mitchell 2014), portfolio
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diversification (Jappelli and Padula 2014), and investment in higher-return assets (Rooij, Lusardi,

and Alessie 2011).
1
We advance this literature by emphasizing the additional role of pension

literacy—that is, knowledge of the rules governing the pension system—which can, in certain

cases, be even more influential than general financial knowledge in impacting retirement-

related choices.

2— Institutional setting

In 1981, Chile reformed its pay-as-you-go (PAYGO) system and introduced a mandatory

defined contribution pension system. Employees who entered the labor force after December

31, 1982 contribute 10% of their monthly covered earnings to individual retirement accounts,

plus an additional administrative fee.
2
The accounts are managed by private companies, the

Administradoras de fondos de pensiones (AFPs). The contributions are invested on the capital

market, with AFPs competing for members with their administrative fees. Since 2002, AFPs

are required to offer four products with varying risk profiles and investment strategies and

can offer an additional, riskier product.
3
The optional ‘fund A’ carries the highest risk due to

its significant equity exposure, the most conservative ‘fund E’ focuses primarily on safe bonds.

Funds B, C, and D offer intermediate and decreasing risk levels. The minimum share of equity

and fixed income assets is mandated by law for each of the five products. We illustrate the

investment limits in figure 1. Over the period of interest, all AFPs allocate their investments

close to the upper bound of the equity limit allowed for each fund type.
4

The decision space for Chilean mandatory account holders is limited. They can choose a

provider that manages their mandatory DC account and how to allocate their funds across the

five products available. Before September 2010, they were free in choosing their provider when

joining the system. Since then, new members must affiliate with the cheapest AFP that won the

1. Similar evidence exists for Chile, showing that the Chilean pension system is marked by inertia, myopia,

and low financial literacy has been provided in (Berstein, Fuentes, and Villatoro 2013). While more literate

individuals are more likely to plan for retirement (Garabato Moure 2015; Diaz, Ruiz, and Tapia 2021), contribute

voluntarily (Landerretche and Martínez 2013), or opt out of default portfolios (Kristianpoller and Olson 2015),

active investors often underperform on average (Villatoro et al. 2024) and frequently rely on financial advisors

recommending costly portfolio reallocations (Da et al. 2018; Cuevas, Bernhardt, and Sanclemente 2023).

2. Contributions are mandatory for formally employed workers. Similar to other Latin American countries,

the informal sector is sizable, with one third of workers being informally self-employed or lacking permanent

contracts (Henriquez 2019).

3. All AFPs offered the five pension fund types during the observed period (2008-2021).

4. Figure A1 in appendix A illustrates the investment allocation for all funds between September 2008 and

December 2021, which highlights negligible changes in fund investment allocation over time.
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latest tender process. The tender process is conducted as a hidden price auction in which AFPs

bid on the right to serve all individuals joining the system for 24 months. The AFP offering

the lowest price wins the auction and has to offer the price for all new and existing affiliates.

Hence, since September 2010, new members must enroll with the winner of the auction for

24 months, unless the winning company does not offer the lowest variable commission for

two consecutive months, falls below minimum return requirements, or a competing provider

achieves more favorable returns net of commissions.
5
After that period, they can switch up to

four times a year at no charge using a standardized form, which is also available online, and

transfer their accounts within a few business days at no cost.

The second choice of mandatory account holders is how to allocate their contributions.

They are free to choose up to two of the five available products until ten years before their

statutory eligibility age (which is 65 for men and 60 for women), when investments in the

riskiest fund A are not permitted anymore. If members do not make an active decision regarding

their fund distribution, the law mandates their contributions to be allocated following a default

investment strategy with decreasing equity exposure over the life-cycle. The fund allocation

differs by age and gender. Contributions of both men and women are initially fully allocated

to fund B, transitioning gradually to fund C by transferring 20% of the account balances per

year between the ages of 36 to 40. Ten years before the statutory eligibility age, account

balances are transferred to fund D. This corresponds to a transition period between 56 and 60

for men and a transition period between 51 and 55 for women.
6
Similar to the provider choice,

AFPs are mandated to let fund members switch their fund allocation free of charge during the

accumulation phase.

AFPs have to inform account holders at least three times per year about the status of their

savings, pension projections, commissions paid, transfers of funds and gains or losses for the

previous four months. Account holders that did not actively make a decision regarding their

fund allocation are informed about the available options and the fact that their funds are to be

transferred. They receive letters on this twelve months before the first transfer of resources

and twelve months after the last transfer.
7

For a given fund, returns are highly correlated across providers. The similarities can be

5. For a detailed description of the process and an analysis of the effect of auctions on fees, mark-ups, demand

price elasticity, returns and risk premiums, see Harrison, Parada-Contzen, and Villena (2023).

6. For details about the default allocation of funds, see Superintendencia de Pensiones (2025b).

7. For details about the content and timing of the pension letters, see Superintendencia de Pensiones (2025a).
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Figure 1—Equity investment limits by fund

attributed to the regulation of pension funds in Chile. AFPs are subject to minimum and

maximum investment limits for broadly defined asset classes (“renta fija” and “renta variable,”

which refers to equity and fixed income assets), exposure to foreign assets, currency hedging

and other diversification rules. Furthermore, AFPs are mandated to provide a minimum yield

for the mandatory accounts, which depends on the performance of the pension fund market

in Chile overall. Specifically, the Pension Supervision Authority which oversees the market

requires the annualized monthly average real return for the last 36 months to be higher than

the minimum of either (1) industry’s asset-weighted average annualized return for the last

36 months, minus 4 percentage points for funds A and B and minus 2 percentage points for

funds C, D and E; or the (2) industry’s asset-weighted average monthly return for the last 36

months, minus 50 percent of the return’s absolute value (Olivares 2008; Illanes 2017). If an AFP

falls short of the minimum return requirements, it has to top-up from its mandatory capital

buffer. In cases where the buffer is insufficient to cover the difference between the returns and

the minimum requirement, the state temporarily complements the payments and the AFP is

liquidated.

Given the strong incentives created by this regulation, there is evidence for herding be-

havior in investment decisions, which results in highly correlated and very similar returns

overall (Olivares 2008; Raddatz and Schmukler 2012; Fernandez 2013; López and Walker 2020).

Because returns are generated from the performance of the funds, which are largely similar

across providers, the most relevant characteristic for acquiring pension wealth should be the

administrative fees charged by the providers.
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3— Data

We combine administrative pension data with large-scale longitudinal survey data from the

Encuesta Previsional Social (EPS). We further add administrative information from the Chilean

Pension Supervision authority to receive insights into the products available to the fund

members.

3.1. Information on individual pension histories

Our primary source of information on the members’ savings behavior comes from the admin-

istrative pension records (Historia Previsional de Afiliados Activos, pensionados y fallecidos,

HPA) provided by the Chilean Pension Supervision Authority. The HPA provides detailed

monthly data on the pension portfolios, contributions, and commission fees for a representative

sample of Chilean AFP participants. We use the mandatory pension account information based

on monthly account balances in each pension fund (i.e., funds A to E) over the period 2008

to 2021. We add information on monthly contributions to the defined contribution account,

which corresponds to 10% of the taxable monthly income.

The monthly account balances also allow us to identify whether respondents make active

investment decisions or stick to the default allocation. We identify the default behavior by

comparing the fund allocation on a monthly level with the mandated defaults laid out in

Decree Law 3.500. When members are assigned to a fund and do not subsequently express a

preference, the legislation mandates the schedule of transfers and the shares to be transferred

to less risky funds over the life-cycle.

We identify default investment portfolios using the monthly account balances in a multi-

step procedure, leveraging the panel dimension of our data. In a first step, we identify non-

default portfolios as those including the most- and least risky funds A and E that are never

part of the default allocation or with allocations that do not align with the mandated transfer

schedule. Due to the rounding of monthly account balances in the data, we only account for

exact transfer schedules for total account balances above CLP 500.000 (about USD 500). For

values below CLP 500.000, we consider whether the account contains only funds prescribed for

the individual’s age and gender, but do not consider the exact proportional transfers around

the month of the member’s birthday.
8

8. Note that the mean (median) balance of the pension accounts over our sample period is around CLP 9.06 m.

(CLP 2.98m.).
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The HPA data includes information on all incomes associated with contributions to the

individual mandatory accounts. Accordingly, incomes are censored below the minimum wage

and above the tax ceiling, which caps the contributions to the mandatory accounts. Both the

minimumwage and the tax ceiling are adjusted regularly. At the beginning of our observational

period in 2008, the minimum wage was CLP 144,000 per month (about USD 275), and the tax

ceiling was around CLP 1,184,000 (about USD 2,470). At the end of our observational period

in December 2021, the minimum wage was CLP 337,000 (about USD 444), and the cap for

taxable incomes was at CLP 2,529,000 (about USD 2,968). Most individuals report only one

source of income per period, accounting for approximately 87% of the full sample. However,

a non-negligible proportion receive multiple incomes per month, with 10.25% reporting two

incomes and 2.25% reporting three or more incomes per month.

3.2. Administrative data on AFPs

We merge the administrative pension records with administrative information on the values

of pension fund units (cuotas) provided by the Chilean Pension Supervision Authority (Super-

intendencia de Pensiones). The data include daily information for all funds offered by all AFPs.

Based on this, we calculate monthly and annualized returns.
9
We calculate portfolio returns

as the monthly returns weighted by the individuals’ fund allocation.
10
To quantify the equity

share of pension savings, we rely on monthly information on the pension fund investments

per fund and AFP, available from September 2008 to December 2021. Following the investment

restrictions described in section 2, funds differ substantially with respect to the share of equity

investments.

3.3. Survey data from the Chilean Social Protection Survey (EPS)

We merge responses from the Chilean Social Protection Survey (EPS) with the administrative

data. The EPS is an extensive, nationally representative longitudinal household survey modeled

after the U.S. Health and Retirement Study (HRS).We use six waves (2004, 2006, 2009, 2012, 2015,

2019/20), offering rich insights into respondents’ wealth outside the mandatory DC pension

system, financial sophistication, and other socioeconomic and demographic characteristics,

9. AFP Capital acquired AFP Santa Maria in March 2008 and merged with AFP Bansander in April 2008. We

combine observations of these AFPs for brevity.

10. If, for instance, an individual affiliated with AFP Uno in December 2019 holds 30% of their pension wealth

in fund A and 70% in fund E, we calculate the return as 0.3× (−3.64) + 0.7× 2.48 = 0.644, where −3.64 and
2.48 are the returns in fund A and E, respectively.
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including age, gender, educational background, and marital status.

Using data from the EPS survey, we construct indicators for real and financial asset owner-

ship outside the mandatory defined contribution (DC) pension system. Specifically, we define

a binary variable indicating whether respondents own the dwelling in which they currently

reside. To assess financial asset holdings beyond the pension system, we develop an indicator

based on reported household financial assets. These include savings for housing held with a

bank, deposits with a Housing Fund Administrator (AFV), voluntary pension savings (APV),

contributions to a secondary voluntary AFP account (commonly referred to as “Cuenta 2”),

other bank savings accounts, term deposits, investments in mutual funds, stocks or corpo-

rate bonds, loans extended to third parties, and miscellaneous savings. The latter category

encompasses cash holdings, savings in U.S. dollars, and “polla.”
11

Notably, the EPS allows us to gain insights into the financial sophistication of AFP affiliates

by including questions on financial literacy and on the institutional setting of the AFP system.

Our primary measure of financial literacy comes from a series of questions related to basic

principles of household finance. The questions closely follow the module on planning and

financial literacy of the 2004 HRS by Lusardi and Mitchell (2011, 2007). The questions cover

basic numeracy (chance of catching a disease, dividing a lottery win equally), and basic financial

concepts (compound interest, inflation, risk diversification). We discuss these questions to

greater detail in section 4.
12

To assess members’ understanding of Chile’s mandatory defined contribution (DC) pension

system, we define a pension literacy measure that utilizes six survey questions, each with

a clearly defined correct answer. These questions focus on the “multifunds” component of

the DC pensions introduced in 2002, which allowed members to diversify their investments

across up to five funds with different risk-return profiles. All respondents who reported to be

affiliated with the AFP system receive questions on the most important characteristics of the

institutional setting, including the mandatory monthly contribution rate, the number of funds

available, how to diversify the investments, who has to pay for commissions, which of the

available fund is the riskiest and which one has the highest expected returns in the medium

term (10 years).
13

We merge all available information from the EPS surveys with the monthly administrative

11. “Polla” refers to low- or zero-interest loans distributed through rotating savings and credit associations.

12. See also appendix C.

13. See appendix C for detailed information on the question wording and routing across survey waves.
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pension data. To obtain a measure consistent with the format of the monthly account balances,

we assume knowledge to be constant between EPS observations. That is, we impute missing

observations using forward and backward imputation, filling existing gaps by carrying back-

ward and forward in time the available values for an individual. This method leverages on the

results of Angrisani et al. (2020), who show financial literacy to be relatively stable even over

extended periods of time.

In our main analyses, we use an aggregate measure of financial literacy and an aggregate

measure of knowledge about the pension system, both counting the number of correct answers

to each of the six questions, respectively.

4— Descriptives

4.1. Fund returns and administrative fees

Both the performance of underlying assets and the fees paid for administration of the fees

influence the returns generated from members’ contributions. Better performances are associ-

ated with higher nominal returns. In contrast, higher fees imply larger foregone earnings for

given returns.

We provide the distribution of nominal returns for the five funds (A to E) in the mandatory

defined contribution system across all AFPs in the market during our period of observation

in figure 2.
14
Funds with a higher share of equity are substantially more volatile than those

consisting predominantly of fixed income assets (i.e., A > B > C > D > E). Moreover, the

funds with higher equity exposure also suffer substantial negative returns during the Global

Financial Crisis and subsequent recession in Chile (2008/09) and during the first months of the

COVID-19 Pandemic in March 2020. However, while there are substantial variations over time

and across funds, the returns across AFPs do not differ substantially or systematically for any

fund.
15

We follow Illanes (2017, appendix B) and test for correlation between variable commissions

and nominal monthly returns using linear regressions. Specifically, we regress each AFP’s

monthly nominal return for fund f on the AFP’s variable commission in that period (pi,t) and

14. Note that two funds started their operations during our period of observation, with Modelo providing its

services since September 2010 and AFP Uno since September 2019.

15. Our additional results in appendix B show that there are also no substantial differences in monthly or

annualized real returns across providers.
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Figure 2—Monthly nominal returns across AFPs, by fund
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Notes. This figure shows the monthly returns for each product (funds A-E) offered by each AFP in the market

during our period of observation (2008-2021).
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the monthly nominal return in the previous month (ri,f,t−1). In all regressions, we include year-

month fixed effects. Hence, we estimate the following regression for our period of observation

(September 2008 to December 2021):

ri,f,t = α0 + α1pi,t + α2ri,f,t−1 + δt + γf + εi,f,t (1)

We present the results of these regressions in table 1. We find no significant correlation

between variable commissions and nominal returns in the regression, pooling all funds in

column 1. When considering funds A-E separately in columns 2-6, we find a significantly

positive association between commissions and nominal returns only for the riskiest fund A.

For funds B and C, we do not find a significant association between variable commission rates

and nominal returns, and for funds D and E, the correlation is negative though insignificant.

Notably, the significantly positive association we find for fund A is relatively small: a one

percentage point higher commission fee corresponds to a 3.5 basis points higher monthly

return for the riskiest fund.

Table 1—Correlation between funds, commission fees and lagged returns (09/2008 –
12/2021)

(1) (2) (3) (4) (5) (6)

All funds Fund A Fund B Fund C Fund D Fund E

Variable commission 0.0157 0.0350
∗

0.0227 0.0213 -0.00335 -0.00299

(0.0547) (0.0151) (0.0126) (0.0132) (0.0141) (0.0182)

Lagged monthly returns 0.0241 0.0785
∗

0.0979
∗∗

0.0561 -0.0347 0.00192

(0.0146) (0.0354) (0.0345) (0.0327) (0.0299) (0.0322)

Constant 0.561
∗∗∗

0.617
∗∗∗

0.564
∗∗∗

0.536
∗∗∗

0.548
∗∗∗

0.485
∗∗∗

(0.0795) (0.0315) (0.0277) (0.0264) (0.0260) (0.0308)

Time FE Yes Yes Yes Yes Yes Yes

Fund FE Yes No No No No No

Observations 4795 959 959 959 959 959

Adj. R2 0.672 0.998 0.997 0.994 0.989 0.978

Adj. Within R2 0.000179 0.0116 0.0125 0.00481 -0.000765 -0.00247

Notes. We report the results of OLS regressions on monthly nominal returns on (one month) lagged nominal

returns and variable commission fees. Column 1 reports the results of a pooled regression with all funds and

providers, columns 2-6 present the results separately by funds. We include year-month fixed effects in all

regressions and add fund-dummies in column 1. Heteroscedasticity-robust standard errors in parentheses,
∗

p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

12



In contrast to the very similar returns across AFPs for each fund, the commission fees

differ substantially across AFPs and over time. Figure 3 presents insights into the distribution

of variable commissions across providers over our observational period. The figure highlights

the substantial heterogeneity in fees across the observational period and an overall decrease

in the fees over time.

Figure 3—Variable commission fees across AFPs (2008-2021)
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Capital Cuprum Habitat Modelo Planvital Provida Uno

Notes. This figure shows the variable commissions across AFPs between 2008 and 2021 for AFPs in the market.

Members pay variable commissions for each contribution they make to their mandatory accounts, which is a

share of their monthly covered earnings, expressed as a percentage.

However, while fees decrease in absolute terms over our observational period, the spread

in prices increases over the same period. To provide an insight into this, we define “excess

fees” as the difference between an AFP’s fee and the cheapest alternative available. Hence, the

cheapest AFP has zero excess fees, and positive values correspond to higher costs relative to

the cheapest option.

In figure 4, we show the absolute difference in terms of percentage points of commission

fees (i.e., percentage points of monthly covered earnings) and in relative terms (i.e., how much

each AFP costs in percent of the cheapest option available). The left panel of 4 shows that the

excess fees of the most expensive option increased from around 0.5 to more than 1.5 percent

of monthly covered earnings in 2012 and decreased to around 1.1 percentage points between

2014 and 2018, and around 0.6 to 0.8 percentage points between 2018 and 2021. In the right

13



panel, we show the same results in relative terms, that is, commission fees as a percentage of

the cheapest option available. Our results highlight that differences in price reductions and

the entry of cheap providers increased the spread in prices for many providers.

Figure 4— Increase in the spread of variable commissions, 2008-21

(a) Absolute spread: difference in percentage
points of total covered earnings
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(b) Relative spread: fees in percent of cheapest
option available
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Notes. This figure shows the development of the excess commission, which we define as the difference in the

monthly variable fee (as share of monthly covered earnings) between the cheapest alternative and each other

alternative.

4.2. Summary statistics of fund members in our sample

Overall, our sample of matched administrative data and survey information includes about 3

million observations for almost 22,000 individuals, followed for 11.3 years on average. Table 2

presents summary statistics of our data. We include the mean across observations and highlight

the standard deviation between and within individuals to give an insight into differences across

individuals and over time.

Based on the information available in the administrative data, our sample includes 47%

women and 31% are married individuals.
16
Just over one in four individuals (27.8%) have com-

pleted higher education, which includes qualifications from professional institutes (Instituto

Profesional) as well as bachelor’s and postgraduate programs (Universitaria de Postgrado).
17

The average age is 37.3 years, and the average time to reach the statutory eligibility age for

retirement (60 for women and 65 for men) is 25.4 years.

Based on information on real and financial assets outside the mandatory defined contri-

bution pension system based on survey responses, we find 61.4% of our sample to own their

16. In 86 cases, the gender reported in the survey differs from the information on the individuals’ gender

included in the administrative data. We assume that the administrative data reflects the gender relevant for the

statutory eligibility ages and use this information accordingly.

17. This classification corresponds to levels 6 and 7 of the International Standard Classification of Education

(2011). See also Organisation For Economic Co-Operation and Development (OECD) and International Bank

Reconstruction and Development/The World Bank (2009).
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home. Regarding financial assets outside the mandatory DC accounts, we find that about 77.9%

of the observations in our sample do not hold any financial assets outside their mandatory DC

pension savings.

The average total monthly covered earnings reported in administrative data is CLP 338,536,

with a higher variation between individuals (SD between CLP 352,602) than within individuals

(SD within CLP 289,707).

The administrative data also includes information on the AFP that collects the contributions

to the mandatory accounts. Overall, we observe AFP switches in 0.4% of the total individual-

month observations. Over the 168 months of our observational window, we observe 13,235

AFP switches of 6,185 individuals in our data. Hence, about 28.5% of the individuals changed

their AFP at least once.

Using the information on the monthly account balances and the strategy to identify the

default investments outlined in section 3.1, we identify default portfolios in 60.4% of observa-

tions in our sample. Most of the variation in default portfolio holdings is across individuals

(between individual SD of 0.453), and fewer individuals opt out of or into the default portfolio

(within individual SD of 0.175). In our administrative data, the average pension wealth in

mandatory defined contribution accounts amounts to 320 Unidad de Fomento (UF, the Chilean

inflation-adjusted unit of account), which corresponds to CLP 8,079,585 (or USD 10,356 by the

end of 2021). In addition to the overall pension wealth, we add information on the distribution

of pension wealth across funds. Most pension wealth is invested in fund B (42.4%) or C (30.9%),

which are the two funds corresponding to the default at the sample’s mean age (37.3), and to a

lesser degree in the conservative fund D (8.3%). Nevertheless, we observe a substantial share

of pension wealth in the riskiest fund A (13.0%) and the most conservative fund E (5.4%), both

of which are non-default investments.

Lastly, we show the monthly and annualized real returns of the portfolios we observe in the

administrative data. We calculate the monthly real returns using the asset-weighted average of

the returns of funds in the member’s portfolio. The average monthly real returns are at 0.35%.

The average annualized real returns, which we calculate as the rolling sum of the portfolio

returns of the members’ previous twelve months, were around 3.87%.
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Table 2—Summary statistics

mean sd min max SDbetween SDwithin

Female 0.470 0.499 0.000 1.000 0.500 0.000

Married 0.309 0.462 0.000 1.000 0.442 0.125

Attended tertiary education 0.278 0.448 0.000 1.000 0.440 0.111

Age 37.298 12.588 16.000 65.000 12.882 3.621

Time to retirement 25.352 12.695 0.000 49.000 12.997 3.621

Home ownership 0.614 0.487 0.000 1.000 0.454 0.182

No fin. assets outside mandatory DC account 0.779 0.415 0.000 1.000 0.370 0.192

Total covered earnings (tsd. CLP) 338.536 461.733 0.000 13466.000 352.602 289.707

Changed AFP 0.004 0.062 0.000 1.000 0.010 0.061

Holds default portfolio 0.604 0.489 0.000 1.000 0.453 0.175

DC account balance (tsd. CLP) 8079.637 14785.587 10.000 285750.000 13657.711 5862.465

DC account balance (in UF) 319.587 576.309 0.323 11746.950 565.800 173.491

...share in fund A 0.130 0.333 0.000 1.000 0.279 0.163

...share in fund B 0.424 0.484 0.000 1.000 0.440 0.221

...share in fund C 0.309 0.442 0.000 1.000 0.370 0.232

...share in fund D 0.083 0.259 0.000 1.000 0.255 0.151

...share in fund E 0.054 0.222 0.000 1.000 0.152 0.163

Monthly real return 0.351 2.609 -22.439 10.232 0.116 2.607

Annualized real returns (rolling) 3.873 9.258 -45.842 57.339 1.384 9.204

Observations 2953726

Individuals 21709

Av. months observed 136.060

Notes. We show the key summary statistics of our sample of AFP affiliates between 2008-2021 based on survey

information (education, marital status, home ownership, financial assets) and administrative information. The

mean and standard deviation (SD) refer to overall sample statistics across all individuals and time periods.

SDbetween is the standard deviation over the 21709 individuals in the data, and SDwithin refers to the standard

deviation within individuals over time.

4.3. Financial sophistication

Table 3 provides the summary statistics of respondents’ financial literacy and knowledge of

the Chilean mandatory defined contribution pension system.

Our results highlight a low level of financial literacy among the Chilean AFP members. We

observe 2.2 correct answers across the six financial literacy questions on average. Comparing

the standard deviation between and within individuals highlights a persistence over time and

heterogeneity across individuals. Across the “Big-3” financial literacy questions, which include

questions on compound interest, inflation, and risk diversification, respondents answered only

1.1 questions correctly.

Considering the individual items of the financial literacy measures shows notable hetero-

geneity across the specific domains of knowledge included. The first three questions of the

financial literacy module are related to basic numerical skills. The question on the chance of
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catching an illness requires an understanding of percentages, and the majority of respondents

(63.4%) can correctly calculate 10% of 1000. The question on lottery prizes requires a simple

division of CLP 2m in five equal parts, and only 45.3% answered this question correctly. We

observe fewer correct answers to the compound interest question (41.7%), where respondents

have to indicate whether the annual interest of 2% on CLP 100 is more, less, or equal to 110

after five years. The most challenging question was the open question on the exact value of

compounding interest. Only 2.5% of respondents were able to correctly answer that CLP 200

invested with an interest rate of 10% will compound to CLP 242 after two years. The remaining

two questions did not have any numerical content but covered key concepts in finance, namely

inflation and risk diversification. Of the respondents in our sample, 20.0% correctly identified

that they will be able to buy less after one year at an interest rate of 1% and an annual inflation

rate of 2%, and 47.0% correctly identified that buying one share of stock in one company is

riskier than buying several shares in different companies.

Regarding the knowledge of the institutional setting, respondents in our sample are not

aware of fundamental concepts characterizing the mandatory defined contribution system in

Chile. Of the six questions we consider in our data, we observe about 1.5 correct responses on

average.

We observe substantial heterogeneity in the number of correct responses regarding the

specific topics included in the pension literacy measure. Regarding the share of income to be

contributed to the mandatory DC system, in a minority of about 20.1% of cases, respondents

correctly indicate that 10% of their income is deducted for mandatory DC contributions.

Similarly, in only 20.7% of cases, we observe the correct response that there are five different

funds to choose from in the mandatory DC system. The most challenging of the pension

literacy questions is the question of the possibility of diversifying investments in the pension

system. Only 4.8% of the responses contain the correct answer that up to two of the available

funds can be held at the same time. Notably, many members correctly indicate that commission

fees are paid from the saver’s income and not from the pension account balances or by the

employer (44.2%). The question concerning which of the funds available in the multifunds

system bears the highest risk, we observe the correct response that Fund A carries the highest

risk in 36.6% of the cases. Lastly, in about one in four (24.4%) of observations, members correctly

expect that the fund with the highest share of equity is to generate the highest returns in the

medium term (ten years).
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Table 3—Financial sophistication indicators: summary statistics

mean sd min max SDbetween SDwithin

Financial Literacy:

Financial Literacy 2.200 1.399 0.000 6.000 1.318 0.502

Correct answers in Big-3 1.088 0.888 0.000 3.000 0.824 0.341

Chance of disease 0.634 0.482 0.000 1.000 0.452 0.180

Lottery division 0.453 0.498 0.000 1.000 0.464 0.183

Compound interest (simple) 0.417 0.493 0.000 1.000 0.454 0.197

Compound interest (exact) 0.025 0.157 0.000 1.000 0.144 0.057

Inflation 0.200 0.400 0.000 1.000 0.368 0.156

Risk diversification 0.470 0.499 0.000 1.000 0.462 0.194

Observations 2155716

Individuals 15143

Av. months observed 142.357

mean sd min max sd_b sd_w

Pension Literacy:

Pension Literacy 1.508 1.427 0.000 6.000 1.344 0.461

Contributions 0.201 0.401 0.000 1.000 0.343 0.200

Fund types 0.207 0.405 0.000 1.000 0.356 0.193

Diversification 0.048 0.213 0.000 1.000 0.180 0.113

Commission payment 0.442 0.497 0.000 1.000 0.422 0.271

Fund risk 0.366 0.482 0.000 1.000 0.472 0.091

Fund returns 0.244 0.430 0.000 1.000 0.417 0.090

Observations 2073626

Individuals 14305

Av. months observed 144.958

Notes. We show the key summary statistics of our sample of AFP affiliates between 2008 and 2021. The mean and

standard deviation (SD) refer to overall sample statistics across all individuals and time periods. SDbetween is

the standard deviation over individuals in the data, SDwithin refers to the standard deviation within individuals

over time. For details on how we extend the information from the EPS waves to the monthly administrative data,

differences across survey waves, and translations of the survey items, see appendix C.

Both dimensions of financial sophistication are positively, but not perfectly correlated

(ρ = 0.2866, p = 0.0000), suggesting that both variables measure distinct aspects of skills and

knowledge.
18

To better understand the correlation between our two measures of financial

18. The components of both financial sophistication measures (providing the correct response to any of the

questions) are also positively correlated. However, pairwise correlation varies substantially, as the results in table
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sophistication, we use OLS regressions to highlight the correlation between socioeconomic and

demographic variables and financial literacy and knowledge about the AFP system, respectively.

We present our results in table 4.

In column 1, we report the correlation between the number of correct responses to the

financial literacy questions and socioeconomic and demographic variables based on responses

to the EPS survey. We find that women answer fewer financial literacy questions correctly,

compared tomen, and that financial literacy is positively correlatedwith educational attainment

and being married. Time to retirement is positively correlated with the number of correct

answers to the financial literacy questionnaire, which implies that younger respondents answer

more questions correctly, though the effect levels off, as the negative correlation of the squared

term indicates. Respondents who do not hold any financial assets outside the mandatory

DC pension accounts are less financially literate, ceteris paribus, and we do not find an

insignificantly negative association between financial literacy and home ownership.

In columns 2 and 3, we add information on covered earnings (in logs) and the mandatory

DC account’s balance (in logs), respectively. While we find both measures to be significantly

correlated with financial literacy, controlling for account balances renders the coefficient of

earnings insignificant, as both measures are highly correlated. Lastly, we add the indicator

for holding the default portfolio allocation, which we find to be negatively associated with

financial literacy.

In columns 5-8, we report correlations between socioeconomic and demographic charac-

teristics and our pension literacy measure. Overall, the results are comparable with the results

on our financial literacy measure: we find a positive correlation with tertiary education, being

married, time to retirement, covered earnings, mandatory account balances, and holding the

default portfolio. Two notable differences are the insignificant correlation between gender and

pension literacy once we control for account balances. Hence, men and women with the same

account balances answer the same number of pension literacy questions correctly. Notably,

this is a specific subset of the population, given the large gender pension gap in Chile.
19
Lastly,

we find a significantly positive correlation between homeownership and pension literacy —

this suggests that while homeowners are similarly financially literate as renters, they know

C1 in appendix C.2 show.

19. On average, female pension beneficiaries aged 65 and over received only about 30 percent of their male

counterparts in 2022 (OECD 2021), which is is related to the substantially higher share of women in part-time,

temporary or informal jobs, and shorter contribution histories, among other aspects (International Monetary

Fund 2024).
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more about the pension system, ceteris paribus.

Our findings are consistent with earlier contributions to the literature, including Fonseca

et al. (e.g. 2012) and Bucher-Koenen et al. (2016) who document the gender gap in financial

literacy, and Lusardi and Mitchell (2014) who extensively discuss the positive correlation with

education, income, and wealth. Similarly, the negative correlation between financial literacy

and default portfolios is in line with the results of Bianchi (2018), who finds that financially

literate individuals are more active in rebalancing their portfolios.
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Table 4—Financial sophistication: analysis of variance

(1) (2) (3) (4) (5) (6) (7) (8)

Fin. lit. Fin. lit. Fin. lit. Fin. lit. Pen. lit. Pen. lit. Pen. lit. Pen. lit.

Female -0.249
∗∗∗

-0.222
∗∗∗

-0.0991
∗∗∗

-0.106
∗∗∗

-0.352
∗∗∗

-0.277
∗∗∗

0.000451 -0.0237

(0.0216) (0.0217) (0.0233) (0.0233) (0.0220) (0.0216) (0.0228) (0.0225)

Attended tertiary education 0.825
∗∗∗

0.797
∗∗∗

0.753
∗∗∗

0.735
∗∗∗

0.974
∗∗∗

0.888
∗∗∗

0.757
∗∗∗

0.701
∗∗∗

(0.0249) (0.0250) (0.0251) (0.0252) (0.0279) (0.0274) (0.0270) (0.0269)

Married 0.166
∗∗∗

0.165
∗∗∗

0.149
∗∗∗

0.148
∗∗∗

0.147
∗∗∗

0.145
∗∗∗

0.110
∗∗∗

0.107
∗∗∗

(0.0235) (0.0234) (0.0232) (0.0232) (0.0236) (0.0229) (0.0223) (0.0220)

Time to retirement 0.0201
∗∗∗

0.0180
∗∗∗

0.0121
∗∗∗

0.0113
∗∗∗

0.0318
∗∗∗

0.0271
∗∗∗

0.0154
∗∗∗

0.0129
∗∗∗

(0.00273) (0.00273) (0.00276) (0.00275) (0.00278) (0.00271) (0.00265) (0.00262)

Time to retirement (sq.) -0.000385
∗∗∗

-0.000336
∗∗∗

-0.00000515 0.0000143 -0.00103
∗∗∗

-0.000924
∗∗∗

-0.000204
∗∗∗

-0.000154
∗∗

(0.0000591) (0.0000592) (0.0000632) (0.0000631) (0.0000608) (0.0000593) (0.0000609) (0.0000604)

Home ownership -0.0195 -0.0228 -0.0283 -0.0289 0.0789
∗∗∗

0.0662
∗∗∗

0.0486
∗∗

0.0466
∗∗

(0.0209) (0.0208) (0.0208) (0.0207) (0.0212) (0.0207) (0.0201) (0.0200)

No fin. assets outside mandatory DC account -0.184
∗∗∗

-0.169
∗∗∗

-0.143
∗∗∗

-0.138
∗∗∗

-0.353
∗∗∗

-0.314
∗∗∗

-0.258
∗∗∗

-0.245
∗∗∗

(0.0235) (0.0235) (0.0234) (0.0234) (0.0250) (0.0244) (0.0237) (0.0235)

Log covered earnings 0.0139
∗∗∗

0.000543 -0.000526 0.0396
∗∗∗

0.0112
∗∗∗

0.00824
∗∗∗

(0.00122) (0.00120) (0.00119) (0.00119) (0.00115) (0.00113)

Log mandatory DC account balance 0.121
∗∗∗

0.114
∗∗∗

0.284
∗∗∗

0.258
∗∗∗

(0.00723) (0.00735) (0.00731) (0.00728)

Holds default portfolio -0.128
∗∗∗

-0.375
∗∗∗

(0.0209) (0.0204)

Constant 2.020
∗∗∗

1.913
∗∗∗

0.0677 0.269
∗∗

1.552
∗∗∗

1.239
∗∗∗

-3.115
∗∗∗

-2.463
∗∗∗

(0.0426) (0.0433) (0.120) (0.125) (0.0429) (0.0426) (0.121) (0.122)

Time FE Yes Yes Yes Yes Yes Yes Yes Yes

Mean fin. sophistication 2.200 2.200 2.200 2.200 1.508 1.508 1.508 1.508

Observations 2155716 2155716 2155716 2155716 2073626 2073626 2073626 2073626

Individuals 15143 15143 15143 15143 14305 14305 14305 14305

Adj. R2 0.0776 0.0814 0.0923 0.0941 0.128 0.158 0.208 0.223

Adj. Within R2 0.0773 0.0812 0.0921 0.0939 0.127 0.157 0.207 0.222

Notes. This table reports the results of OLS regressions on our two measures of financial sophistication, including year-month fixed effects. Standard errors are clustered at the

individual level and in parentheses,
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01.
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4.4. Bivariate patterns in fee developments and switching behavior

In the following, we consider the variable commission fees paid by individuals in our sample

and their provider switches in greater detail. Overall, most fund members are not affiliated

with the lowest-cost option on the market — only 12.75% of the sample hold their mandatory

DC account with providers offering the lowest variable commission fees. Among those cases,

the average (median) fee paid in excess of the cheapest option amounts to 0.62% (0.67%) of the

fund member’s monthly covered earnings.

As members can save more in periods where the spread between commissions across

providers is larger, we consider the dynamics of AFP switches and excess fees in figure 5.

Our results highlight that the average commissions paid in excess of the cheapest option

closely mirror the overall pattern highlighted on the market level in figure 4, which is not

surprising, considering the high level of inertia and correspondingly low number of provider

changes overall. We consider the development of provider changes by presenting the share

of contributing affiliates that change their AFP in each month. After a decrease in provider

changes from 0.4% to about 0.3% between late 2008 and the beginning of 2012, the share of

contributing affiliates changing providers rises to 0.6% between 2012 and 2017. After a period

of higher switching activity between 2017 and 2020, the number of provider switches drops to

about 0.25% until the end of our observational period in 2021. Hence, we find that a higher

share of contributing affiliates switch their AFP in periods in which the spread in prices is

higher.

To get a better understanding of the subgroups of individuals that change their fund

providers, we consider the average number of annual switches and present the results in

figures 6 and 7. The results presented in figure 6 indicate that individuals who do not hold the

default portfolio are also more likely to change their AFP, which holds across all age groups

below the statutory eligibility age.

In figure 7 we plot the average number of AFP switches per year and across the number of

correct answers to the financial literacy (left) or pension literacy questions (right). Our results

highlight that individuals with higher financial sophistication (i.e., a higher number of correct

responses to either set of questions) tend to switch their provider more often than those with

lower levels of financial sophistication, which holds across all age groups.

To quantify in monetary terms the savings that members forego by not selecting the

lowest-fee provider available, we calculate the monetary value of what members could save by
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Figure 5—Excess commissions and AFP switching, 2008-21
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Notes. This figure shows the development of the relative excess commission, which we define as the difference

in the monthly variable fee (as a share of the monthly covered earnings) between the chosen option and the

cheapest option available. The share of AFP switches represents the share of contributing individuals per month

who changed their AFP. The kernel-weighted local polynomial smooth plots are based on an Epanechikov kernel

function to calculate the weighted local polynomial estimate with a rule-of-thumb bandwidth estimator.

Figure 6—Changes of AFPs across default portfolio choice
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Notes. This figure plots the average number of AFP changes across age groups for individuals holding the default

portfolio allocation compared to those that do not.
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Figure 7—Changes of AFPs across financial sophistication
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Notes. This figure plots the average number of AFP changes across age groups and levels of financial literacy

(left) and pension literacy (right).

Figure 8—Foregone savings: fees paid in excess for the cheapest option per month
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Notes. We define foregone savings as the monthly costs paid in excess of the cheapest option available and

compute this by multiplying the member’s total covered earnings by the difference between the member’s current

AFP and the cheapest alternative.

switching to the cheapest provider in the respective period. The resulting measure equals zero

for periods with affiliation with the cheapest provider, and higher positive values for larger

potential savings in thousands of CLP.

The histogram in figure 8 shows that the average (median) foregone savings is CLP 3,505

(CLP 2,182) per month. Considering this in Chile’s inflation-indexed currency for long-term

contracts (Unidad Fomento, UF), we find that the average (median) foregone saving of con-

tributing members was at UF 0.135 (UF 0.087) per month, which corresponds to USD 4.95 (USD

3.19) in December 2021.
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5— Results

In the following section, we investigate the price sensitivity of pension fund members. We

first use a conditional logit model to study differences in the overall price sensitivity of fund

members across their level of financial sophistication. Subsequently, we use linear probability

models to consider differences in the propensity to switch pension fund providers, and consider

how members react to prices. Subsequently, we restrict our sample to those fund members

who switch providers and consider differences in the fees around the switching dates. Lastly,

we relate how the differences in provider choices across financial sophistication translate into

foregone savings.

5.1. Conditional Logits

As our data includes both choice-specific attributes and individual-specific characteristics,

we first use a conditional logit model following McFadden (1974) to model choices across

alternative pension fund providers. The probability of choosing a pension fund provider

relates to alternative-specific and individual-specific regressors. We index our set of unordered

alternatives j=1,2,...,J, with J being up to seven alternatives when AFP Uno entered the market

in 2019. Let yijt be an indicator variable for the chosen alternative of individual i at time t.

That is, yijt = 1 if individual i chose alternative j, and yijt = 0 otherwise.

Alternative-specific regressors reflect the variation across providers and over time and

include fees and fund returns. Individual-specific regressors are the socioeconomic and demo-

graphic characteristics of fund members, such as gender, educational attainment, marital status,

time to retirement, home ownership, financial assets outside the mandatory DC pension ac-

count, monthly incomes, total account balances, and default asset allocation. Individual-specific

regressors only vary across individuals, not across alternatives.

We then estimate the following regression:
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ηit = Xitβ + (zitAt)
′

= Xitβ + (zit ⊗ Ijt)vec(A
′)

= (Xit, zit ⊗ IJt)

 β

vec(A′)


= X∗

itβ

Here, β represents our vector of alternative specific regression coefficients, and A =

(α1, αJ) refers to the matrix of individual-specific regression coefficients. We normalize

the location using one alternative, which then provides us with the case specific regression

coefficients, relative to the normalized alternative.

To highlight the role financial sophistication plays in the choice of fund providers, we

allow the price sensitivity to vary across the levels of financial sophistication. Specifically, we

consider how the propensity to choose providers differs across the median level of correct

responses to both measures of financial sophistication. In the specifications shown in table

5, we control for the asset-weighted medium-run real returns of the providers in the market

and include case-specific controls. For brevity, we do not include the alternative-specific

estimates.
20

Across both specifications, we find negative coefficients for variable commissions, both

for high- and low-financial sophistication individuals. The negative coefficients imply that

members are less likely to choose providers with higher fees, relative to providers with lower

fees. Furthermore, the consistently positive coefficient of asset-weighted medium-run real

returns (over the previous 36 months) suggests that pension fund members are more likely

to switch to providers with higher returns and less likely to switch to providers with lower

returns.

Moreover, we find larger coefficients (in absolute terms) among members with higher levels

of sophistication, compared to less sophisticated members. However, the difference is only

significant for the split across pension literacy, which suggests a higher price sensitivity of

20. We include the full results, including case-specific regression coefficients, in table D1 (including the financial

literacy interaction) and table D2 (including the pension literacy interaction) in appendix D.1.

26



Table 5—Heterogeneity in provider choices in conditional logits (McFadden choice
model) across financial literacy

(1) (2)

AFP chosen AFP chosen

Alternatives

Low financial literacy × Variable commission fee -0.118
∗∗∗

(0.0225)

High financial literacy × Variable commission fee -0.184
∗∗∗

(0.0291)

Low pension literacy × Variable commission fee -0.0967
∗∗∗

(0.0230)

High pension literacy × Variable commission fee -0.215
∗∗∗

(0.0289)

Asset-weighted medium-run real returns (-36m;-1m) 0.0563
∗∗∗

0.0548
∗∗∗

(0.00109) (0.00118)

Case-specific controls Yes Yes

Observations 13036502 12449312

Clusters 15222 14333

Log Likelihood -3107172.1 -2969920.7

Wald-test of difference across fin. sophistication (p-val) 0.109 0.00390

Notes. This table reports the results of conditional logits (McFadden choice models) with case-specific controls

(including gender, education, marital status, time to retirement (linear and squared), home ownership, holding

financial assets outside the mandatory pension account, total covered earnings, account balance, and a dummy for

default fund allocation). For the full set of alternative-specific results, see appendix D.1. We classify respondents

with low (high) financial literacy as those answering less than three (three or more) of the six financial literacy

questions correctly, and classify respondents with low (high) pension literacy as those answering less than two

(two or more) of the six questions on the pension system correctly. Standard errors are clustered at the individual

level and in parentheses,
∗ p < 0.1, ∗∗ p < 0.5, ∗∗∗ p < 0.01.

sophisticated members.
21

21. Our results are robust to employing full sample splits across both financial sophistication measures, with

highly financially sophisticated members being more sensitive towards fees than less sophisticated members, as

our results in table D3 in appendix D.2 show.
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5.2. Provider switches

In the following, we consider the provider switches using linear regressions. Compared to

the conditional logit results, the linear probability models allow for a more straightforward

interpretation of the resulting coefficients and allow for the employment of various levels of

fixed effects. Similar to the conditional logit models, we explore the decisions of mandatory

pension fund members to change their AFP in a given month. Accordingly, the dependent

variable equals one if the individual changed their affiliation in the respective month, and zero

if they are affiliated with the same AFP as in the previous period. In all regressions, we cluster

standard errors at the individual level and use year-month fixed effects.

Table 6 presents our results. In column 1, we include only the lagged fees and monthly real

returns. We find that higher fees in the previous period are associated with a higher propensity

to switch providers, and higher real returns are associated with a lower propensity to switch.

Thus, contributors facing higher excess fees by being affiliated with more expensive providers

are more likely to switch, compared to respondents affiliated with cheaper providers. A one

percentage point increase in excess fees is associated with an increase of 0.175 percentage

points in the probability of switching providers, which is substantial considering the average

AFP switching rate of about 0.4 percent per month. The significantly negative association with

provider switches suggests that respondents earning higher returns on their portfolio in the

previous month switch significantly less often, compared to those with lower returns, all else

equal. The negative association suggests that fund members may consider returns in their

decision to switch providers. However, note that the effect is minimal: A one percentage point

higher monthly real return is associated with a 1.37 basis points decrease in the probability of

switching their AFP.

We confirm these correlations when adding socioeconomic and demographic characteristics

in column 2. We find women to switch significantly less compared to men. Our results further

indicate an insignificant association of marital status, but a significantly positive association of

the propensity to switch providers with education. Time to retirement is significantly positively

associated with switches, which suggests that younger individuals switch more often, though

this association tapers off, as the negative squared term indicates. Adding measures for real

and financial assets outside the pension system hardly changes our results, but we find that

individuals without financial assets outside the pension system switch providers significantly

less.
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We add controls for covered earnings and accounts balances in the mandatory account

in column 4, both of which are significantly positively associated with provider changes.

As higher covered earnings are associated with higher fees in absolute terms, the positive

correlation suggests that contributing individuals switch more often when they can save more

in real terms. Notably, among individuals with similar incomes and pension wealth, women

tend to switch providers significantly more often than men.

In column 5, we add a control variable for members’ fund allocation status — specifically,

whether they maintain the default portfolio allocation. While our results do not highlight

a consistent pattern regarding mandatory account balances anymore, we find the default

portfolio allocation to be consistently negatively associated with the propensity to switch

providers. This suggests that individuals who do not actively select their investment portfolio

are also less inclined to engage in provider choice. It is perhaps unsurprising that members

who refrain from making active fund decisions similarly exhibit limited attention to selecting

their pension fund provider.

To analyze the implications of financial sophistication for switching behavior, we include

both measures of financial sophistication and their interaction with excess fees as explanatory

variables and present our results in table 7. Our results in columns 1 and 4 show the association

between provider switches and financial literacy or pension literacy, respectively. We control

for demographic characteristics in all specifications, including gender, time to retirement

(linear and squared), marital status, and education.

We find both measures of financial sophistication to be significantly positively associated

with the propensity to switch providers. In our specifications in columns 1 and 4, where

we only control for demographic characteristics, we find additional correct responses to the

financial literacy (pension literacy) questions to be associated with a 0.0412 (0.104) percentage

points higher propensity to switch providers in a given month. While this effect appears

small, it is sizable given the average propensity to switch providers of 0.373 percent – i.e., an

additional correct answer increases the propensity by about 11.0-27.9%.

In columns 2 and 4, we add additional controls for the respondents’ financial situation,

including whether they hold financial assets outside the mandatory pension accounts, home

ownership, log covered earnings, log balance of mandatory DC account, and whether they

hold the default portfolio allocation. We further include the lagged fees and lagged monthly

real returns. Adding these controls substantially reduces the size of the financial sophistication
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Table 6—Linear probability model on AFP switches

(1) (2) (3) (4) (5)

Changed AFP Changed AFP Changed AFP Changed AFP Changed AFP

L.Excess fee over cheapest alternative 0.00175
∗∗∗

0.00281
∗∗∗

0.00280
∗∗∗

0.00263
∗∗∗

0.00232
∗∗∗

(0.000175) (0.000192) (0.000192) (0.000189) (0.000187)

L.Monthly real return -0.000137
∗∗∗

-0.000164
∗∗∗

-0.000163
∗∗∗

-0.000155
∗∗∗

-0.000142
∗∗∗

(0.0000423) (0.0000422) (0.0000422) (0.0000422) (0.0000422)

Female -0.000447
∗∗∗

-0.000482
∗∗∗

0.000809
∗∗∗

0.000667
∗∗∗

(0.000146) (0.000147) (0.000149) (0.000147)

Attended tertiary education 0.00373
∗∗∗

0.00365
∗∗∗

0.00280
∗∗∗

0.00246
∗∗∗

(0.000199) (0.000200) (0.000187) (0.000181)

Married 0.000108 0.0000887 0.0000200 0.00000936

(0.000165) (0.000165) (0.000160) (0.000157)

Time to retirement 0.000288
∗∗∗

0.000279
∗∗∗

0.000172
∗∗∗

0.000154
∗∗∗

(0.0000201) (0.0000200) (0.0000191) (0.0000186)

Time to retirement (sq.) -0.00000511
∗∗∗

-0.00000492
∗∗∗

-0.00000200
∗∗∗

-0.00000156
∗∗∗

(0.000000439) (0.000000436) (0.000000419) (0.000000409)

Home ownership 0.0000244 -0.000105 -0.000106

(0.000138) (0.000134) (0.000132)

No fin. assets outside mandatory DC account -0.00101
∗∗∗

-0.000380
∗∗

-0.000318
∗

(0.000173) (0.000168) (0.000166)

Log covered earnings 0.000493
∗∗∗

0.000472
∗∗∗

(0.00000850) (0.00000822)

Log mandatory DC account balance 0.000246
∗∗∗

0.0000569

(0.0000432) (0.0000410)

Holds default portfolio -0.00299
∗∗∗

(0.000127)

Constant 0.00298
∗∗∗

-0.00163
∗∗∗

-0.000744
∗∗

-0.00837
∗∗∗

-0.00326
∗∗∗

(0.0000971) (0.000246) (0.000303) (0.000741) (0.000691)

Time FE Yes Yes Yes Yes Yes

Mean AFP switching 0.00388 0.00388 0.00388 0.00388 0.00388

Observations 2928676 2928676 2928676 2928676 2928676

Individuals 21709 21709 21709 21709 21709

Adj. R2 0.000389 0.00139 0.00144 0.00420 0.00468

Within R2 0.0000709 0.00108 0.00112 0.00388 0.00437

Adj. Within R2 0.0000702 0.00107 0.00112 0.00388 0.00436

Notes. This table reports the results of OLS regressions, including year-month fixed effects. Standard errors are

clustered at the individual level and in parentheses,
∗ p < 0.10, ∗∗ p < 0.5, ∗∗∗ p < 0.01.

coefficients. Given the high correlation between financial sophistication and these financial be-

haviors, the coefficients of both financial sophistication measures are diminished substantially,

by 56.6% for financial literacy and 59.5% for pension literacy. Hence, our results suggest that an

additional correct response to the financial literacy (pension literacy) questions is associated

with a higher switching probability of 0.0179 (0.0421) percentage points, conditional on their

financial situation, previous fees and returns, and demographic characteristics.
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In columns 3 and 6, we analyze how financial sophistication moderates the association

between lagged fees and provider switches. Notably, the insignificant coefficients of both finan-

cial sophistication measures imply an insignificantly different propensity to switch providers

across financial sophistication for members already affiliated with the cheapest option, i.e.,

those with zero excess fees. Furthermore, the significantly positive coefficients of lagged excess

fees suggest that higher fees are associated with more provider switches, even for respondents

at the lowest levels of financial sophistication. Lastly and most importantly, the significantly

positive interaction terms suggest that higher fees increase the propensity to switch more for

individuals with higher levels of sophistication.

To get an insight into which of the two measures matters more for the provider choice,

we present models including both financial sophistication indicators in columns 7 and 9. Our

results in column 7 show that both financial literacy and pension literacy capture distinct

aspects of financial sophistication and are relevant for explaining the respondents’ propensity

to switch providers, ceteris paribus. Conditional on the level of financial literacy, an additional

correct response to the pension literacy questions is associated with a 0.0375 percentage

point higher propensity to switch providers in a given month. Financial literacy, on the other

hand, is associated with a 0.0121 percentage point higher propensity to switch in a given

month, conditional on pension literacy. Including interactions of both aspects of financial

sophistication with the excess returns in the previous month in column 8 shows that only

pension literacy moderates the effect of fee differences on the propensity to switch providers,

holding financial literacy constant.
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Table 7—Linear probability model on AFP switches: heterogeneity across financial sophistication

(1) (2) (3) (4) (5) (6) (7) (8)

Changed AFP Changed AFP Changed AFP Changed AFP Changed AFP Changed AFP Changed AFP Changed AFP

Financial Literacy 0.000412
∗∗∗

0.000179
∗∗∗

0.00000930 0.000121
∗∗

0.0000854

(0.0000573) (0.0000538) (0.0000713) (0.0000566) (0.0000758)

Pension Literacy 0.00104
∗∗∗

0.000421
∗∗∗

0.0000151 0.000375
∗∗∗

-0.0000247

(0.0000736) (0.0000699) (0.0000859) (0.0000710) (0.0000872)

L.Excess fee over cheapest alternative 0.00233
∗∗∗

0.00168
∗∗∗

0.00266
∗∗∗

0.00169
∗∗∗

0.00258
∗∗∗

0.00147
∗∗∗

(0.000233) (0.000298) (0.000254) (0.000265) (0.000257) (0.000337)

Financial Literacy × L.Excess fee over 0.000303
∗∗∗

0.0000742

cheapest alternative (0.000108) (0.000112)

Pension Literacy × L.Excess fee over 0.000712
∗∗∗

0.000702
∗∗∗

cheapest alternative (0.000135) (0.000136)

L.Monthly real return -0.000142
∗∗∗

-0.000143
∗∗∗

-0.000147
∗∗∗

-0.000134
∗∗∗

-0.000137
∗∗∗

-0.000151
∗∗∗

-0.000154
∗∗∗

(0.0000497) (0.0000497) (0.0000518) (0.0000517) (0.0000517) (0.0000527) (0.0000527)

Time FE Yes Yes Yes Yes Yes Yes Yes Yes

Socioeconomic controls Yes Yes Yes Yes Yes Yes Yes Yes

Controls for financial situation No Yes Yes No Yes Yes Yes Yes

Mean AFP switching 0.00373 0.00373 0.00373 0.00387 0.00387 0.00387 0.00382 0.00382

Observations 2155716 2138880 2138880 2057908 2057908 2057908 1959094 1959094

Individuals 15143 15143 15143 14305 14305 14305 13674 13674

Adj. R2 0.00156 0.00475 0.00475 0.00215 0.00484 0.00488 0.00480 0.00483

Within R2 0.00129 0.00448 0.00448 0.00189 0.00458 0.00462 0.00453 0.00457

Adj. Within R2 0.00128 0.00447 0.00448 0.00188 0.00458 0.00461 0.00453 0.00456

Notes. This table reports the results of OLS regressions, including year-month fixed effects. Standard errors are clustered at the individual level and in parentheses,
∗ p < 0.10,

∗∗ p < 0.5, ∗∗∗ p < 0.01.
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Notably, our results are robust to the inclusion of provider-fixed effects and using the

within-individual variation in financial sophistication by using individual-fixed effects. We

provide details on this exercise and the results of this robustness-check in appendix C.3.

5.3. Fees around provider switches

So far, our results suggest that financially sophisticated members are more likely to switch

providers and react more strongly to fees, compared to less sophisticated members. As a next

step, we consider how fees change around the time of the provider switch. That is, are more

sophisticated fund members more likely to choose lower-fee services when they change?

To investigate this, we consider the mean fees paid around the date of the provider switches.

We focus only on respondents who changed their provider and consider a period of 9 months

before and after the switch. We split the sample across the median number of correct responses

to both sets of financial sophistication questions and compare differences in excess fees paid

around the switching dates. In the following, we focus on the fund members’ first provider

switches, but provide our results considering all switches in appendix D.3.

In figure 9, we show the mean fees paid around the date of their first switch for members

with low and high financial sophistication. Specifically, we split the sample across the median

number of correct answers to the financial literacy (upper panel) or pension literacy questions

(lower panel). The figure offers several notable insights.

First, our results in the upper panel show that individuals with higher levels of financial

literacy pay lower excess fees even before they switch providers. In the nine months before

the switch, they pay around 0.05 percentage points less of their monthly covered earnings in

fees, compared to the low financial literacy group.

Second, while the mean level of fees paid after the switch is lower for both groups, the

decrease in themean excess fees is more pronounced for the high financial literacy group, which

reduces their mean fees by 0.04 percentage points of monthly covered earnings, compared to

the reduction of 0.02 percentage points for the low financial literacy group.

Third, even for the high financial literacy group, respondents still pay considerable fees in

excess of the cheapest option (around 0.58 percent of monthly income for the low financial

literacy group and about 0.51 percent for the high financial literacy group). Put differently,

even among the high financial literacy group, not every individual switches to the cheapest

option available.
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Figure 9—Mean excess fees paid around time of switch across financial literacy and
knowledge of the pension system

(a) Fees around the first provider switch across financial literacy
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(b) Fees around the first provider switch across pension literacy
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Notes. We center the data around the month of the first AFP switch and show the mean excess fees paid up to

nine months before and after the switch. We split the sample across the median number of correct responses to

the financial literacy or pension literacy questions, using the most recent information for each respondent. We

include the estimated mean excess commissions around the switches and 95% confidence intervals.

Lastly, the difference in excess fees paid across levels of financial literacy is larger after the

switch, increasing from 0.05 to 0.07 percentage points of monthly covered earnings.

Considering the results regarding pension literacy shown in the lower panel of figure 9,
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we find no considerable difference regarding the mean excess fees paid in the nine months

prior to the switch. However, while the mean excess fees are similar around the switch for

respondents with lower levels of pension literacy, respondents with high literacy reduce their

excess fees substantially (-0.07 percentage points of monthly covered incomes).

We further test the differences in the mean excess fees around the switching date across

the median split of our two financial sophistication measures using the following specification:

∆ϕit =
∑
k

βk × FSk
it + FSit + Γ′Xit + λt + εit (2)

We consider the excess fees (∆ϕit, difference between fees the members paid and the

cheapest alternative) and include all fund members that switched and use the month before

the switch as a reference period (i.e. k = −1) and consider differences across the level of

financial sophistication (FSk
i ), controlling for socioeconomic and demographic characteristics

Xit, including gender, education, time to retirement (linear and squared), home ownership,

holding financial assets outside the pension system, log covered earnings and account balance,

and holding the default portfolio composition. We further include year-month fixed effects

and control for overall financial sophistication. We present the coefficients of the interaction

terms βk in figure 10, including the results both for the median split in financial literacy (upper

panel) and pension literacy (lower panel).

Overall, the graphical insights in figure 10 show that across both measures of financial

sophistication, members with higher levels of financial literacy or pension literacy reduce their

fees more, compared to less literate members. While the difference is substantially smaller at

around 0.02 percentage points of monthly covered earnings when splitting the sample across

financial literacy, and mostly significant only at a 10 percent level, the drop is considerable at

-0.075 percentage points for individuals with a better understanding of the pension system.
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Figure 10—Difference in excess fees paid around the period of the AFP switch across
levels of financial sophistication

(a) Difference across financial literacy
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(b) Difference across pension literacy
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Notes. We center the data around the month of the first AFP switch and show the mean excess fees paid up to nine

months before and after the switch. We split the sample across the median number of correct responses to financial

literacy and pension literacy questions, using the most recent information for each respondent. We include the

estimated mean excess commissions around the switches and 90% and 95% confidence intervals. The regressions

include year-month fixed effects and controls for individual socioeconomic and demographic characteristics,

including gender, educational attainment, time to retirement (linear and squared), home ownership, holding

financial assets outside the pension system, total covered earnings in CLP, account balances in CLP, and being in

the default option. We cluster standard errors at the individual level.
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5.4. Investment mistakes: foregone savings

To assess the quality of financial decisions in pension fund selection, we focus on the foregone

savings incurred by members who do not enroll in the cheapest available pension fund. This

measure captures the economic cost of suboptimal choices and serves as a proxy for investment

mistakes. We define excess commissions as the difference between the fees actually paid and

those charged by the lowest-cost pension scheme. This concept is particularly relevant because

even small differences in fees, when compounded over a working life, can translate into

substantial reductions in retirement wealth. By quantifying these foregone savings, we provide

a clear metric of inefficiency in pension fund choice and a basis for evaluating the role of

financial sophistication, market transparency, and behavioral frictions in shaping individual

outcomes.

To this end, we regress excess commissions on observable characteristics of pension

fund members and perform two sample splits: one based on financial literacy, distinguishing

individuals below and above the median score, and another based on pension literacy, using

the same median-based threshold.

The results are presented in Table 8. Columns (1) and (2) correspond to the sample split

based on financial literacy, while columns (3) and (4) correspond to the split based on pension

literacy. Within each pair, odd-numbered columns report estimates for individuals below the

median score, and even-numbered columns for those above the median.

Several patterns emerge from the estimates. Gender and education are highly correlated

with excess commissions: women pay significantly lower excess commissions than men

across all groups (coefficients range from -0.033 to -0.035), and tertiary education reduces

excess commissions by up to -0.043. Regardless of financial or pension literacy levels, women

consistently incur smaller excess commission payments than men. Women appear less prone

to selecting high-cost pension schemes, which may reflect greater caution, different decision-

making strategies compared to men, higher propensity to seek advice more frequently, reducing

the likelihood of costly mistakes, and, to a limited extent, lower risk taking. Education appears

to play a significant mitigating role in reducing investment mistakes, suggesting that higher

human capital is associated with more informed and cost-efficient pension choices. Individuals

with higher educational attainment are less likely to pay excess commissions, likely because

education enhances financial decision-making skills, information processing, and confidence

in navigating complex pension products. It reinforces the idea that human capital not only
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improves earning potential but also reduces behavioral inefficiencies in long-term financial

planning.

Financial characteristics also matter. Pension wealth is positively associated with excess

commissions for individuals below the median literacy level, but this effect disappears for

those above the median, indicating that less sophisticated individuals with higher wealth may

be more vulnerable to costly fund choices. Holding the default portfolio significantly reduces

excess commissions for low-literacy groups (-0.013 to -0.017), reinforcing its role as a protective

mechanism. Finally, the age profile is non-linear: the positive coefficient on time to retirement

and the negative coefficient on its square imply that excess commissions increase as individuals

approach retirement but at a decreasing rate. This pattern is robust across all specifications.

Overall, Table 8 highlights significant heterogeneity in investment mistakes across observable

individual characteristics, indicating that demographic, financial, and behavioral factors play a

key role in shaping excess commission payments. In addition, the results show heterogeneity

in behavior across literacy levels. A Chow test confirms this by rejecting the null hypothesis

that the coefficients in columns (1) and (2) are equal, as well as the null that the regressions in

columns (3) and (4) coincide. This indicates that financial and pension literacy significantly

moderate the relationship between individual characteristics and excess commission payments.

We use the coefficients reported in Table 8 to predict the age profile of excess commissions

paid, holding all other observable individual characteristics at their sample averages. This age

profile allows us to quantify the savings foregone by not enrolling in the cheapest pension

fund. Our approach is as follows. Pension fund fees are a fixed proportion of covered earnings,

expressed as

ϕt × yt

where ϕt ∈ (0, 1) and yt covered earnings in month t.

Assuming a constant monthly interest rate r, fees paid in month t reduce pension wealth

at retirement by:

ϕt × yt × (1 + r)N−t

where N is the retirement date. Summing over the entire working life, the total reduction in

pension wealth due to fees is:

N−1∑
t=0

ϕtyt(1 + r)N−t

Consider two pension schemes, Scheme H and Scheme L, identical in all respects except that
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ϕH
t > ϕL

t for all t. The pension wealth foregone by choosing Scheme H instead of Scheme L is:

N−1∑
t=0

(ϕH
t − ϕL

t )× yt × (1 + r)N−t

If covered earnings grow at a constant monthly rate g, then the foregone pension wealth

becomes:

y0

N−1∑
t=0

(ϕH
t − ϕL

t )× (1 + g)t × (1 + r)N−t

where y0 is initial covered earnings. Expressed as a fraction of y0, the foregone wealth is:

N−1∑
t=0

(ϕH
t − ϕL

t )× (1 + g)t × (1 + r)N−t. (3)

To compute (3), we replace (ϕH
t − ϕL

t ) with the predicted age profile of excess commissions,

using year and month as predictors and setting all other controls from Table 8 to their sample

averages for each of the four groups considered.

The logic behind this calculation is straightforward: every extra fee paid today not only

reduces current savings but also eliminates the opportunity for that amount to earn compound

interest until retirement. For example, a small excess commission early in life grows into

a much larger amount by retirement because it could have been invested and accumulated

returns over decades. Conversely, excess fees paid closer to retirement have a smaller impact

because they compound for fewer periods. This compounding effect explains why even modest

differences in commission rates can translate into substantial differences in pension wealth

over a full working life. In short, paying higher fees is costly not only because of the direct

expense but because of the lost growth potential of those funds.

The results for this calculation are show in Figure 11, which displays, in the top panel, the

time series of (3) for pension fund members with financial literacy scores below and above the

median, and in the bottom panel, the corresponding time series for members with pension

literacy scores below and above the median.

The figure reveals several noteworthy patterns in the evolution of foregone pension wealth.

First, across both sample splits, its trajectory closely mirrors the pattern of excess commissions

shown in Figure 5. Foregone wealth is relatively low at the beginning and end of the sample

period, with a pronounced peak during the intermediate years, reflecting the surge in excess

fees between late 2014 and early 2018. Second, this peak underscores the compounding effect
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of higher commissions during that interval, which significantly amplified the long-term cost

of suboptimal fund choices. Third, differences across levels of financial sophistication appear

modest overall, with the notable exception of the period between early 2010 and late 2011,

where the gap is more pronounced for the pension literacy split. This divergence likely reflects

transitional dynamics in the pension system—such as regulatory adjustments or changes in

fee structures—that required more active decision-making. Individuals with higher pension

literacy were better equipped to respond to these changes, while less informed members tended

to remain in costlier schemes, widening the gap in foregone wealth during that period.

Table 8—Financial sophistication and investment mistakes

(1) (2) (3) (4)

low FL high FL low PL high PL

Female -0.033
∗∗∗

-0.032
∗∗∗

-0.035
∗∗∗

-0.025
∗∗∗

(0.005) (0.005) (0.004) (0.006)

Attended tertiary education -0.043
∗∗∗

-0.032
∗∗∗

-0.038
∗∗∗

-0.020
∗∗∗

(0.006) (0.005) (0.005) (0.005)

Married -0.003 -0.001 -0.004 0.006

(0.004) (0.004) (0.004) (0.005)

Home ownership 0.005 0.003 0.006
∗

-0.001

(0.004) (0.005) (0.004) (0.005)

No fin. assets outside mandatory DC account -0.006 -0.006 -0.006 -0.000

(0.005) (0.005) (0.004) (0.005)

Log of covered income -0.006
∗∗∗

-0.006
∗∗∗

-0.004
∗∗

-0.003

(0.002) (0.002) (0.002) (0.003)

Log of pension wealth 0.010
∗∗∗

0.007
∗∗∗

0.008
∗∗∗

-0.003

(0.002) (0.002) (0.002) (0.003)

Holds default portfolio -0.013
∗∗∗

-0.014
∗∗∗

-0.017
∗∗∗

0.003

(0.004) (0.004) (0.003) (0.005)

Time to retirement in months 0.024
∗∗∗

0.033
∗∗∗

0.028
∗∗∗

0.015
∗∗

(0.005) (0.005) (0.004) (0.006)

Time to retirement squared in months -0.010
∗∗∗

-0.012
∗∗∗

-0.011
∗∗∗

-0.008
∗∗∗

(0.001) (0.001) (0.001) (0.001)

R-squared 0.543 0.565 0.545 0.648

Notes. This table reports the results of OLS regressions, including year-month fixed effects. Standard errors are

clustered at the individual level and in parentheses,
∗ p < 0.10, ∗∗ p < 0.5, ∗∗∗ p < 0.01. Time to retirement is

divided by 100.
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Figure 11—Foregone pension wealth as a fraction of y0 across levels of financial
sophistication

(a) Difference across financial literacy
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(b) Difference across pension literacy
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Notes. The figures display, in the top panel, the time series of (3) for pension fund members with financial literacy

scores below and above the median, and in the bottom panel, the corresponding time series for members with

pension literacy scores below and above the median. In both panels, (3) is computed under the assumptions of a

constant monthly interest rate of 0.005 and a monthly growth rate of covered earnings of 0.0025. The duration
of working life is assumed to be equal to 480 months.

6— Conclusions

In this paper, we adopt a broader perspective on financial sophistication by integrating con-

ventional measures of financial literacy with indicators of individuals’ understanding of the

pension system.
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We provide robust evidence that financial literacy as well as the knowledge of the pension

system plays a critical role in shaping pension fund choices within Chile’s mandatory DC

system. Despite a simplified and transparent fee structure, many members fail to select

the lowest-cost provider, resulting in substantial foregone savings. Our analysis shows that

individuals with higher financial literacy and deeper knowledge of the pension system are

significantly more likely to switch providers, incur lower fees, and thereby enhance their

retirement savings (and incomes).

By combining administrative data with longitudinal survey responses, we quantify in-

vestment inefficiencies and demonstrate that these inefficiencies are systematically related to

individual characteristics. Specifically, women, university graduates, and homeowners tend

to make more cost-effective choices, while those with longer time horizons to retirement or

lower financial sophistication are more prone to suboptimal decisions.

Importantly, our findings highlight that even in a market designed to facilitate informed

decision-making, behavioral inertia and informational frictions persist. The evidence suggests

that targeted interventions — such as personalized disclosures and financial education — could

meaningfully improve consumer outcomes. Moreover, the observed heterogeneity in price

sensitivity underscores the need for policy designs that account for varying levels of financial

capability among contributors.

Improving financial sophistication is not merely a matter of individual empowerment — it

is a lever for enhancing the efficiency and equity of pension systems. Future reforms should

further consider mechanisms that reduce cognitive barriers and promote active, informed

engagement with pension choices.
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A— Investment allocation over time
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Figure A1— Investment allocation of funds across broadly defined asset categories,
across all AFPs (09/2008 - 12/2021)
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Notes. This figure shows the average share of broadly defined investment instruments across all AFPs for

the period 09/2008 to 12/2021, following the classification of investment instruments provided by the Chilean

Superintendency of Pensions.
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B— Additional insights into fund returns

Table B1—Distribution of fund returns over observational period (01/2008 – 12/2021)

Mean SD p10 p50 p90 Obs.

Monthly nominal returns

A 0.656 3.886 -3.543 0.767 5.027 1001

B 0.616 2.889 -2.374 0.619 3.936 1001

C 0.578 2.054 -1.559 0.583 2.846 1001

D 0.525 1.598 -1.028 0.589 2.140 1001

E 0.497 1.409 -1.187 0.608 1.839 1001

Monthly real returns

A 0.381 3.926 -3.988 0.438 4.709 1001

B 0.341 2.937 -2.886 0.383 3.556 1001

C 0.303 2.107 -1.953 0.327 2.614 1001

D 0.249 1.647 -1.505 0.362 2.002 1001

E 0.221 1.429 -1.449 0.342 1.605 1001

Annual nominal returns

A 8.229 15.304 -7.148 8.614 20.707 85

B 7.576 11.065 -3.522 6.983 17.669 85

C 6.997 7.095 0.218 6.652 17.448 85

D 6.325 5.172 -1.998 6.391 13.912 85

E 6.002 4.810 2.423 6.869 11.720 85

Annual real returns

A 5.019 16.331 -10.640 6.154 17.144 85

B 4.328 12.297 -7.151 4.587 14.576 85

C 3.713 8.570 -3.723 4.279 14.360 85

D 3.022 6.573 -9.548 3.482 12.641 85

E 2.662 5.445 -1.297 3.682 7.341 85

Notes. We report the distribution of monthly and annual fund returns for all AFPs during our observational period

(01/2008 - 12/2021) using administrative data from the Chilean Superintendency of Pensions. The real returns are

calculated using information on the values of the Unidad de Fomento (UF) from the Central Bank of Chile.

Furthermore, we present the pairwise correlations in monthly nominal returns for all AFPs

during our period of observation and find very highly correlated returns for all AFPs and all

funds.
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Figure B1—Annual returns across AFPs and funds
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Notes. This figure shows the annual real returns (in September of each year) across funds A-E, offered by each

AFP in the market during our period of observation (Sep. 2008-2021). Two AFPs entered the market at later

points, with AFP Modelo joining in September, 2010 and AFP UNO in September, 2019.
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Table B2—Bivariate correlations in monthly nominal returns, by fund (08/2008 -
12/2021)

Capital Cuprum Habitat Modelo Planvital Provida Uno

Fund A

Capital 1

Cuprum 0.998
∗∗∗

1

Habitat 0.998
∗∗∗

0.998
∗∗∗

1

Modelo 0.997
∗∗∗

0.997
∗∗∗

0.997
∗∗∗

1

Planvital 0.998
∗∗∗

0.997
∗∗∗

0.998
∗∗∗

0.997
∗∗∗

1

Provida 0.998
∗∗∗

0.999
∗∗∗

0.999
∗∗∗

0.997
∗∗∗

0.998
∗∗∗

1

Uno 0.999
∗∗∗

0.999
∗∗∗

0.998
∗∗∗

0.999
∗∗∗

0.999
∗∗∗

0.999
∗∗∗

1

Fund B

Capital 1

Cuprum 0.997
∗∗∗

1

Habitat 0.998
∗∗∗

0.998
∗∗∗

1

Modelo 0.997
∗∗∗

0.997
∗∗∗

0.997
∗∗∗

1

Planvital 0.997
∗∗∗

0.996
∗∗∗

0.997
∗∗∗

0.997
∗∗∗

1

Provida 0.998
∗∗∗

0.998
∗∗∗

0.998
∗∗∗

0.997
∗∗∗

0.997
∗∗∗

1

Uno 0.998
∗∗∗

0.998
∗∗∗

0.998
∗∗∗

0.998
∗∗∗

0.998
∗∗∗

0.998
∗∗∗

1

Fund C

Capital 1

Cuprum 0.996
∗∗∗

1

Habitat 0.997
∗∗∗

0.996
∗∗∗

1

Modelo 0.992
∗∗∗

0.990
∗∗∗

0.990
∗∗∗

1

Planvital 0.996
∗∗∗

0.993
∗∗∗

0.995
∗∗∗

0.993
∗∗∗

1

Provida 0.997
∗∗∗

0.995
∗∗∗

0.996
∗∗∗

0.990
∗∗∗

0.995
∗∗∗

1

Uno 0.990
∗∗∗

0.992
∗∗∗

0.992
∗∗∗

0.994
∗∗∗

0.989
∗∗∗

0.991
∗∗∗

1

Fund D

Capital 1

Cuprum 0.995
∗∗∗

1

Habitat 0.994
∗∗∗

0.993
∗∗∗

1

Modelo 0.989
∗∗∗

0.988
∗∗∗

0.985
∗∗∗

1

Planvital 0.992
∗∗∗

0.990
∗∗∗

0.990
∗∗∗

0.988
∗∗∗

1

Provida 0.995
∗∗∗

0.992
∗∗∗

0.993
∗∗∗

0.985
∗∗∗

0.992
∗∗∗

1

Uno 0.973
∗∗∗

0.971
∗∗∗

0.975
∗∗∗

0.980
∗∗∗

0.964
∗∗∗

0.971
∗∗∗

1

Fund E

Capital 1

Cuprum 0.987
∗∗∗

1

Habitat 0.988
∗∗∗

0.987
∗∗∗

1

Modelo 0.966
∗∗∗

0.963
∗∗∗

0.952
∗∗∗

1

Planvital 0.987
∗∗∗

0.983
∗∗∗

0.981
∗∗∗

0.970
∗∗∗

1

Provida 0.991
∗∗∗

0.988
∗∗∗

0.986
∗∗∗

0.965
∗∗∗

0.988
∗∗∗

1

Uno 0.974
∗∗∗

0.974
∗∗∗

0.979
∗∗∗

0.986
∗∗∗

0.962
∗∗∗

0.975
∗∗∗

1

Notes. P-values are Bonferroni adjusted, ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.
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C— Further information on the financial sophistication measures

C.1. Details on the EPS questionnaires

In our main analyses, we built on two sets of questions related to basic principles of household

finance and the main characteristics of the institutional setting of the multifunds system

introduced in 2002 in the Chilean mandatory defined contribution pension system. Our

measure of financial literacy comes from a series of questions introduced in the module on

planning and financial literacy of the 2004 Health and Retirement Study by Lusardi andMitchell

(2011, 2007). These questions are included in the surveys of 2006, 2009 and 2012. The questions

are as follows, with correct answers in italics:

1. Chance of Disease: If the chance of catching an illness is 10 percent, how many people

out of 1000 would get the illness? [open question, correct: 100]

2. Lottery Division: If five people share winning lottery tickets and the total prize is two

million Chilean pesos, how much would each receive? [open question, correct: 400.000]

3. Compound interest: Assume that you have $100 in a savings account and the interest

rate was 2% per year. After 5 years, how much do you think you would have in the account

if you left the money to grow – more than $102, exactly $102, or less than $102?

4. Compound interest (exact): Assume that you have $100 in a savings account and the

interest rate you earn on this money is 2 percent a year. If you keep this money in the

account for 5 years, how much would you have after 5 years? [open question, correct:

110.41]

5. Inflation: Suppose you have $100 in a savings account, which earns interest at 1% per

year. You know that the inflation rate is 2% per year. After one year, will you be able to

buy [more than today, exactly the same as today, or less than today] with the money in

your account?

6. Risk diversification: Do you think the following statement is true or false: “Buying a

single company stock is less risky than buying several shares in different companies with

the same money.” [true, false]

To capture the contributors’ understanding of the Chilean defined contribution pension

system, we also consider responses to six additional questions with a similar structure as the

financial literacy questions described above. Only respondents that were ever affiliated with

the AFP system receive the questions. These pension literacy questions are as follows, with
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correct answers in italics:

1. Contributions: Do you know what percentage of income is / has been /would be deducted

monthly for pension system contributions? [Yes / No] with Follow-up: What percentage?

[open, correct: 10%]

2. Fund types: Do you know how many types of funds exist? [open question, [Yes / No]

with Follow-up: How many? correct: 5]

3. Diversification: Do you know how many of these funds you can decide to put your

savings in? [open question, [Yes / No] with Follow-up: How many? correct: 2]

4. Commission payment: Who pays the variable commissions? [The member with their

salary / the member with their accumulated funds / the employer]

5. Fund risk: Of the five funds available, which one is the riskiest? [A / B / C / D / E]

6. Fund returns: Of the five fund types available, which one should have the highest return

in the medium term, i.e. the next 10 years? [A / B / C / D / E]

Note that there are some survey-wave specific deviations that are worth describing to

greater detail. Most importantly, the routing differs across waves. In waves 2015 and 2020,

only respondents that indicate that they do know the number of funds receive the follow-up

question on how much funds one can decide to put savings in. Hence, we treat respondents

that reported to not know the number of funds available as also not knowing the number of

funds one can invest in at the same time in both EPS 2015 and EPS 2020. The question on which

of the five funds bears the highest risk is available for all AFP affiliates of EPS waves 2004,

2006 and 2009. In EPS 2012 and 2015, only new respondents receive this question. For panel

participants that answered this questions in previous waves, we use their earlier responses to

calculate the number of correct responses for the follow-up waves. The question on the fund

with the highest return in the medium term is similarly included for all AFP affiliates only in

EPS waves 2004, 2006, and 2009. In EPS 2012, only new respondents received this question.

We similarly use panel participants’ earlier responses to this question to calculate the number

of correct responses for this survey wave.

The question on variable commissions consists of two parts. In the first part, the survey

asks AFP affiliates about whether they know their AFP’s variable commission for managing

their funds. Respondents can indicate Yes/No/No charge (which would imply that their AFP

does not collect any variable commission, which was not the case for any AFP). Respondents

that answer “Yes” or “No” receive a follow-up question about how much their AFP charges,
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which they can answer directly or select values from a showcard, respectively. Subsequently,

both groups receive the question on who has to pay the variable commissions. Respondents

that indicated that their AFP does not charge any commission do not receive the question on

who has to pay the variable commission. We treat respondents in this group as answering

incorrectly. Note that in EPS surveys 2004 and 2006, the variable commission questions were

asked after the same sequence of questions on the fixed commissions, which were abolished

with the pension reform of 2008. Using both the fixed commission and variable commission

question gives similar as the ones reported in the paper, the results are available upon request.

Importantly, when we merge the administrative information (on a monthly level) to the

responses from the irregularly scheduled EPS surveys, we first merge on the scheduled survey

year level. Subsequently, we impute the information before and between survey waves under

the assumption that respondents hold a latent and constant level of financial literacy and

understanding of the institutional setting across survey waves.
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C.2. Bivariate correlations across financial literacy and knowledge about the institutional setting

Table C1 presents the pairwise correlation coefficients between correct responses to our financial sophistication questions. Our results show a

significantly positive correlation across all but one pair, with correct responses to the commission payment question being negatively correlated

with the compound interest question, though the coefficient is rather small (-0.0140).

Table C1—Pairwise correlation across items of financial sophistication measures

Financial literacy Pension literacy

Chance of

disease

Lottery

division

Numeracy in

invest. context

Compound

interest Inflation

Risk diversi-

fication Contributions Fund types Diversification

Commission

payment Fund risk Fund returns

Financial literacy:
Chance of disease 1

Lottery division 0.370
∗∗∗

1

Numeracy in invest. context 0.164
∗∗∗

0.200
∗∗∗

1

Compound interest 0.112
∗∗∗

0.134
∗∗∗

0.129
∗∗∗

1

Inflation 0.130
∗∗∗

0.131
∗∗∗

0.0847
∗∗∗

0.0837
∗∗∗

1

Risk diversification 0.148
∗∗∗

0.150
∗∗∗

0.0796
∗∗∗

0.0152
∗∗∗

0.159
∗∗∗

1

Pension literacy:
Contributions 0.125

∗∗∗
0.121

∗∗∗
0.0773

∗∗∗
0.0602

∗∗∗
0.0687

∗∗∗
0.0706

∗∗∗
1

Fund types 0.154
∗∗∗

0.164
∗∗∗

0.147
∗∗∗

0.0966
∗∗∗

0.0894
∗∗∗

0.0942
∗∗∗

0.203
∗∗∗

1

Diversification 0.0718
∗∗∗

0.0855
∗∗∗

0.0868
∗∗∗

0.0382
∗∗∗

0.0459
∗∗∗

0.0592
∗∗∗

0.0998
∗∗∗

0.328
∗∗∗

1

Commission payment 0.0193
∗∗∗

0.0492
∗∗∗

0.0659
∗∗∗

-0.0140
∗∗∗

0.0287
∗∗∗

0.0283
∗∗∗

0.0531
∗∗∗

0.0916
∗∗∗

0.0485
∗∗∗

1

Fund risk 0.167
∗∗∗

0.149
∗∗∗

0.148
∗∗∗

0.0635
∗∗∗

0.114
∗∗∗

0.118
∗∗∗

0.197
∗∗∗

0.408
∗∗∗

0.210
∗∗∗

0.103
∗∗∗

1

Fund returns 0.116
∗∗∗

0.107
∗∗∗

0.122
∗∗∗

0.0610
∗∗∗

0.0875
∗∗∗

0.0766
∗∗∗

0.140
∗∗∗

0.307
∗∗∗

0.178
∗∗∗

0.0767
∗∗∗

0.620
∗∗∗

1

Notes. We handle missing values by pairwise deletion (i.e. using all available observations). P-values are Bonferroni adjusted,
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.
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Note that the scale reliability coefficients for items of both scales is low in our panel data

set, with Cronbach’s α = 0.4936 for the financial literacy measure and Cronbach’s α = 0.5886

for the pension literacy measure. The Rasch-type one parameter item response theory model

uncovers item difficulties for components of the financial literacy measure ranging from

−0.6177 (easy, question on chance of disease), 0.1535 (risk diversification), 0.2380 (lottery

division), 0.4084 (simple compound interest), 1.6029(inflation), to 3.9807 (very difficult, exact

compound interest question), with a common discrimination of about 1.0489. This indicates

that the scale covers a wide ability range, though one item primarily targets the extreme

upper end of financial literacy. Similarly, we find a common discrimination of about 1.2950

for the measure on pension literacy, with two easier questions with item difficulties of 0.3296

(question on diversification) and 0.5670 (question on commission payment), several items of

medium difficulty (1.1968 for fund returns, 1.4663 for fund types, 1.4907 for contributions),

and one rather difficult item at 2.9981 (on fund types).

C.3. Within-individual changes in financial sophistication

A rather unique feature of the Chilean EPS is that it includes questions on financial sophistica-

tion in several waves of the survey. In line with analyses based on other countries, the number

of correct answers to either set of financial sophistication questions does not differ substantially,

with the majority of members in our sample holding the same level of financial literacy over

time (72.01% of individuals, representing 70.71% of observations) and the same level of pension

literacy (59.96% of individuals, representing 57.30% of observations). Nevertheless, using the

within-individual variation in an individual-fixed effects specification allows us to see how

changes in financial sophistication are correlated with provider switches, while controlling

for unobserved individual-level confounders. Therefore, as we keep year-month fixed effects

used in earlier estimations, the two-way fixed effects model shows the association of variation

within individual and within time-periods — that is, we use the variation left relative to what

we would expect given that individual, and given that time period.

Another concern regarding our main effects is unobserved provider-level confounders. For

instance, some providers may provide a consistently higher level of service or spend more

on advertising.
22
To account for time-invariant provider-level differences in the propensity

22. The advertisement channel appears to be a plausible channel, considering the contribution of Hastings,

Hortaçsu, and Syverson (2017), which finds spending on advertisements to impede competition in the Mexican

DC pension system significantly.
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to switch providers, we employ provider fixed effects in our estimates. Hence, the results of

these regressions provide information about the association of within-individual variation in

financial sophistication with the propensity to switch providers, accounting for unobserved

factors affecting all members similarly at a given point in time, and accounting for unobserved

differences across providers that are constant over time.

We show the results of these regressions in table C2. The models in columns 1 and 4

show the association of the propensity to switch providers and within-individual changes

in financial sophistication, including only potentially time-varying demographic controls

(time to retirement (linear and squared), educational attainment, and marital status). Our

results indicate an insignificant association between the within-individual changes in financial

sophistication and the propensity to switch. However, when including the interaction of within-

individual changes in financial sophistication and lagged fees, we find that an increase in

financial literacy or pension literacy is associated with a lower propensity to switch providers

for individuals affiliated with the cheapest provider, for whom excess fees are zero. The

propensity to switch is higher for members affiliated with more expensive providers, even

at the lowest level of financial sophistication. Importantly, the propensity to switch from

expensive providers increases with larger within-individual changes in financial sophistication,

as the positive interaction terms highlight.

Our results in columns 4 and 6 further include provider fixed effects. The coefficients are

very similar to those including only time- and individual fixed effects, which suggests that

time-invariant differences across fund providers do not drive our results.
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Table C2—Linear probability model on AFP switches using within-individual varia-
tion in financial sophistication

(1) (2) (3) (4) (5) (6)

Changed AFP Changed AFP Changed AFP Changed AFP Changed AFP Changed AFP

Financial Literacy -0.000110 -0.000340
∗∗∗

-0.000393
∗∗∗

(0.0000848) (0.000104) (0.000106)

Financial Literacy × L.Excess fee over 0.000482
∗∗∗

0.000609
∗∗∗

cheapest alternative (0.000131) (0.000137)

L.Excess fee over cheapest alternative 0.00218
∗∗∗

0.00428
∗∗∗

0.00241
∗∗∗

0.00516
∗∗∗

(0.000430) (0.000557) (0.000408) (0.000552)

Pension Literacy 0.0000415 -0.000438
∗∗∗

-0.000494
∗∗∗

(0.000118) (0.000144) (0.000145)

Pension Literacy × L.Excess fee over 0.000719
∗∗∗

0.000793
∗∗∗

cheapest alternative (0.000143) (0.000149)

L.Monthly real return -0.000111
∗∗

-0.000105
∗∗

-0.000103
∗∗

-0.0000998
∗

(0.0000495) (0.0000495) (0.0000516) (0.0000515)

Socioeconomic controls Yes Yes Yes Yes Yes Yes

Controls for financial situation No Yes Yes No Yes Yes

Time FE Yes Yes Yes Yes Yes Yes

Individual FE Yes Yes Yes Yes Yes Yes

Provider FE No No Yes No No Yes

Observations 2155716 2138875 2138875 2073626 2057903 2057903

Individuals 15143 15138 15138 14305 14300 14300

Adj. R2 0.0198 0.0214 0.0230 0.0210 0.0225 0.0242

Adj. Within R2 0.0000538 0.00160 0.00174 0.0000426 0.00151 0.00171

Notes. This table reports the results of OLS regressions, including individual-, year-month-, and provider fixed

effects. Standard errors are clustered at the individual level and in parentheses,
∗ p < 0.10, ∗∗ p < 0.5, ∗∗∗

p < 0.01.

D— Robustness checks

D.1. Full conditional logits (McFadden choice models) with case-specific equations

This section includes the full results of theMcFadden Choicemodels with case-specific variables.

In the following tables we show the results for the alternative-specific variables (commission

fees and returns) and case-specific variables (socioeconomic and demographic characteristics).
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Table D1—Heterogeneity in provider choices in conditional logits (McFadden choice
model) with financial literacy interaction

Alternatives CUPRUM HABITAT MODELO PLANVITAL PROVIDA UNO

Low financial literacy × Variable -0.118
∗∗∗

commission fee (0.0225)

High financial literacy × Variable -0.184
∗∗∗

commission fee (0.0291)

Asset-weighted medium-run real returns 0.0563
∗∗∗

(-36m;-1m) (0.00109)

Female 0.155
∗

0.140
∗∗∗

0.982
∗∗∗

-0.184
∗∗

-0.161
∗∗∗

-0.500
∗

(0.0865) (0.0509) (0.0688) (0.0826) (0.0456) (0.299)

Attended tertiary education 0.685
∗∗∗

0.149
∗∗∗

0.239
∗∗∗

-0.548
∗∗∗

-0.515
∗∗∗

0.480
∗

(0.0810) (0.0525) (0.0656) (0.0925) (0.0510) (0.246)

Married 0.199
∗∗

0.0180 -0.466
∗∗∗

-0.0163 0.0464 0.117

(0.0782) (0.0505) (0.0915) (0.0820) (0.0456) (0.315)

Time to retirement 0.0260
∗∗

0.0229
∗∗∗

-0.0317
∗∗∗

0.0364
∗∗∗

0.0130
∗∗

0.0631

(0.0105) (0.00622) (0.0100) (0.0102) (0.00541) (0.0585)

Time to retirement (sq.) -0.000101 -0.000358
∗∗

0.00276
∗∗∗

-0.00129
∗∗∗

-0.000341
∗∗∗

-0.000852

(0.000265) (0.000142) (0.000198) (0.000238) (0.000123) (0.00136)

Home ownership 0.0784 -0.0710 -0.112
∗

-0.0214 0.0285 -0.240

(0.0734) (0.0448) (0.0600) (0.0725) (0.0406) (0.253)

No fin. assets outside mandatory DC account -0.102 -0.0484 0.288
∗∗∗

0.0926 0.0521 -0.0506

(0.0724) (0.0485) (0.0775) (0.0781) (0.0443) (0.295)

Log covered earnings 0.0000704 0.00227 0.0194
∗∗∗

-0.0117
∗∗

-0.00349 0.160
∗∗∗

(0.00509) (0.00278) (0.00323) (0.00469) (0.00255) (0.0293)

Log mandatory DC account balance 0.622
∗∗∗

0.0688
∗∗∗

-0.0383
∗∗∗

-0.0388
∗∗∗

-0.000210 -0.135
∗∗∗

(0.0484) (0.0120) (0.0127) (0.0112) (0.00852) (0.0327)

Holds default portfolio -0.204
∗∗

0.176
∗∗∗

0.223
∗∗∗

-0.850
∗∗∗

0.170
∗∗∗

-1.966
∗∗∗

(0.0812) (0.0480) (0.0603) (0.0819) (0.0438) (0.459)

Constant -11.86
∗∗∗

-1.452
∗∗∗

-2.755
∗∗∗

-0.314 0.548
∗∗∗

-3.546
∗∗∗

(0.846) (0.215) (0.270) (0.236) (0.159) (1.045)

Observations 13036502

Clusters 15222

Log Likelihood -3107172.1

Wald-test diff. fin. sophistication (p-val) 0.109

Notes. This table reports the results of conditional logits (McFadden choice models) with case-specific controls

(including gender, education, marital status, time to retirement (linear and squared), home ownership, holding

financial assets outside the mandatory pension account, total covered earnings, account balance, and a dummy

for default fund allocation). We classify respondents with low (high) financial literacy as those answering less

than three (three or more) of the six financial literacy questions correctly, and classify respondents with low

(high) institutional knowledge as those answering less than two (two or more) of the six questions on the pension

system correctly. Standard errors are clustered at the individual level and in parentheses,
∗ p < 0.1, ∗∗ p < 0.5,

∗∗∗ p < 0.01.
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Table D2—Heterogeneity in provider choices in conditional logits (McFadden choice
model) with pension literacy interaction

Alternatives CUPRUM HABITAT MODELO PLANVITAL PROVIDA UNO

Low pension literacy × Variable -0.0967
∗∗∗

commission fee (0.0230)

High pension literacy × Variable -0.215
∗∗∗

commission fee (0.0289)

Asset-weighted medium-run real returns 0.0548
∗∗∗

(-36m;-1m) (0.00118)

Female 0.258
∗∗∗

0.199
∗∗∗

1.019
∗∗∗

-0.129 -0.125
∗∗∗

-0.540
∗

(0.0853) (0.0524) (0.0764) (0.0839) (0.0469) (0.315)

Attended tertiary education 0.660
∗∗∗

0.154
∗∗∗

0.275
∗∗∗

-0.536
∗∗∗

-0.490
∗∗∗

0.475
∗

(0.0806) (0.0540) (0.0725) (0.0950) (0.0525) (0.261)

Married 0.175
∗∗

0.0241 -0.482
∗∗∗

-0.00706 0.0133 0.119

(0.0765) (0.0505) (0.0948) (0.0823) (0.0457) (0.312)

Time to retirement 0.0254
∗∗

0.0212
∗∗∗

-0.0320
∗∗∗

0.0345
∗∗∗

0.0144
∗∗∗

0.0886

(0.0103) (0.00635) (0.0106) (0.0105) (0.00555) (0.0619)

Time to retirement (sq.) 0.0000830 -0.000277
∗

0.00283
∗∗∗

-0.00119
∗∗∗

-0.000355
∗∗∗

-0.00158

(0.000261) (0.000149) (0.000215) (0.000246) (0.000128) (0.00144)

Home ownership 0.113 -0.0720 -0.115
∗

-0.0545 0.0156 -0.366

(0.0733) (0.0458) (0.0657) (0.0735) (0.0416) (0.263)

No fin. assets outside mandatory DC account -0.0603 -0.0699 0.252
∗∗∗

0.0888 0.0367 0.00179

(0.0716) (0.0487) (0.0825) (0.0784) (0.0445) (0.309)

Log covered earnings -0.00135 0.00336 0.0187
∗∗∗

-0.00814
∗

-0.00231 0.157
∗∗∗

(0.00502) (0.00285) (0.00346) (0.00470) (0.00260) (0.0313)

Log mandatory DC account balance 0.684
∗∗∗

0.0729
∗∗∗

-0.0250 -0.0679
∗∗∗

-0.00374 -0.148
∗∗∗

(0.0501) (0.0150) (0.0165) (0.0124) (0.0103) (0.0378)

Holds default portfolio -0.200
∗∗

0.168
∗∗∗

0.121
∗

-0.878
∗∗∗

0.189
∗∗∗

-2.103
∗∗∗

(0.0809) (0.0491) (0.0643) (0.0841) (0.0447) (0.545)

Constant -12.98
∗∗∗

-1.537
∗∗∗

-3.013
∗∗∗

0.0836 0.576
∗∗∗

-3.424
∗∗∗

(0.881) (0.263) (0.323) (0.257) (0.188) (1.194)

Observations 12449312

Clusters 14333

Log Likelihood -2969920.7

Wald-test diff. fin. sophistication (p-val) 0.00390

Notes. This table reports the results of conditional logits (McFadden choice models) with case-specific controls

(including gender, education, marital status, time to retirement (linear and squared), home ownership, holding

financial assets outside the mandatory pension account, total covered earnings, account balance, and a dummy

for default fund allocation). We classify respondents with low (high) pension literacy as those answering less

than two (two or more) of the six questions on the pension system correctly. Standard errors are clustered at the

individual level and in parentheses,
∗ p < 0.1, ∗∗ p < 0.5, ∗∗∗ p < 0.01.
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D.2. Conditional logits (McFadden choice models) on split samples across financial sophistication

Instead of interacting the variable commission fees with the indicators for high- or low financial

sophistication, the results in table D3 are calculated for the subsample of members with low or

high financial literacy (columns 1 and 2) and low or high pension literacy (columns 3 and 4),

respectively. The results are overall comparable to those presented in table 5 in the main body

of the article.

Table D3—Conditional logits (McFadden choice model) on provider choice: Sample
splits across financial sophistication

(1) (2) (3) (4)

Low FL High FL Low PL High PL

Alternatives

Variable commission fee -0.128
∗∗∗

-0.174
∗∗∗

-0.128
∗∗∗

-0.174
∗∗∗

(0.0197) (0.0272) (0.0204) (0.0289)

Asset-weighted medium-run real returns (-36m;-1m) 0.0598
∗∗∗

0.0517
∗∗∗

0.0548
∗∗∗

0.0541
∗∗∗

(0.00151) (0.00160) (0.00145) (0.00218)

Case-specific controls Yes Yes Yes Yes

Observations 7530487 5506015 7399047 5050265

Clusters 10008 7462 9651 6730

Log Likelihood -1764979.1 -1338126.1 -1691534.2 -1260931.2

Chi-2 3828.1 2927.5 3799.2 2029.8

Notes. This table reports the results of conditional logits (McFadden choice models) with case-specific controls

(including gender, education, marital status, time to retirement (linear and squared), home ownership, holding

financial assets outside the mandatory pension account, total covered earnings, account balance, and a dummy

for default fund allocation). We classify respondents with low (high) pension literacy as those answering less

than two (two or more) of the six questions on the pension system correctly. Standard errors are clustered at the

individual level and in parentheses,
∗ p < 0.1, ∗∗ p < 0.5, ∗∗∗ p < 0.01.

D.3. Fees around all provider switches

In contrast to the results shown in subsection 5.3, we do not center the data around the first

provider switch only, but include all provider switches instead. Hence, we include all switches

of those individuals that changed their providers multiple times, center around the switching

date and show the mean fees paid 9 months before and after the switch in figure D1.

To consider differences in the fees paid around all switches for respondents across both

high and low levels of financial sophistication, we estimate a similar regression to the one

described in equation 2 in subsection 5.3, but include additional controls for the number of

switches s per individual:

63



Figure D1—Mean excess commissions paid around time of switch across financial
literacy and pension literacy
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Notes. We center the data around the month of the AFP switches and show the mean excess fees paid up to nine

months before and after the switch. We split the sample across the median number of correct responses to the

financial literacy and pension literacy questions closest to the switching date. We include the estimated mean

excess commissions around the switches and 95% confidence intervals.

Excessfeeits =
∑
k

βk × FSk
is + FSis + µs + λt +Xits + εits (D.1)

In figure D2 we show the coefficients of the interaction between either measure of financial

sophistication and the relative distance to the switching date, relative to the period before the

switch (k = −1). We cluster the standard errors at the individual level.
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Figure D2—Difference in excess fees paid around period of AFP switches across levels
of financial sophistication

(a) Difference across financial literacy
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(b) Difference across pension literacy
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Notes. We center the data around all AFP switches of fund members in our data and show the mean excess

fees paid up to nine months before and after each switch. We split the sample across the median number of

correct responses to financial literacy and pension literacy questions, using the most recent information for

each respondent. We show the coefficient of the interaction terms between the respective measure of financial

sophistication and the distance to each switch. The regressions includes year-month fixed effects and controls

for individual socioeconomic and demographic characteristics, including gender, educational attainment, time

to retirement (linear and squared), home ownership, holding financial assets outside the pension system, log

total covered earnings and account balances, and being in the default option. Standard errors are clustered at the

individual level.
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